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Abstract. Surface melting on the Antarctic Ice Sheet has
been monitored by satellite microwave radiometry for over
40 years. Despite this long perspective, our understanding of
the microwave emission from wet snow is still limited, pre-
venting the full exploitation of these observations to study
supraglacial hydrology. Using the Snow Microwave Radia-
tive Transfer (SMRT) model, this study investigates the sen-
sitivity of microwave brightness temperature to snow liquid
water content at frequencies from 1.4 to 37 GHz. We first
determine the snowpack properties for eight selected coastal
sites by retrieving profiles of density, grain size and ice layers
from microwave observations when the snowpack is dry dur-
ing wintertime. Second, a series of brightness temperature
simulations is run with added water. The results show that
(i) a small quantity of liquid water (≈ 0.5 kgm−2) can be de-
tected, but the actual quantity cannot be retrieved out of the
full range of possible water quantities; (ii) the detection of a
buried wet layer is possible up to a maximum depth of 1 to
6 m depending on the frequency (6–37 GHz) and on the snow
properties (grain size, density) at each site; (iii) surface ponds
and water-saturated areas may prevent melt detection, but the
current coverage of these waterbodies in the large satellite
field of view is presently too small in Antarctica to have no-
ticeable effects; and (iv) at 1.4 GHz, while the simulations
are less reliable, we found a weaker sensitivity to liquid wa-
ter and the maximal depth of detection is relatively shallow
(< 10 m) compared to the typical radiation penetration depth

in dry firn (≈ 1000 m) at this low frequency. These numerical
results pave the way for the development of improved multi-
frequency algorithms to detect melt intensity and the depth
of liquid water below the surface in the Antarctic snowpack.

1 Introduction

Surface melting is frequent in summer in the coastal mar-
gins of the Antarctic continent and in particular on the low-
elevation glacier termini, the ice shelves (Zwally and Fiegles,
1994). Monitoring melt is important not only as a climate in-
dicator but also because of the potential influence of melt-
water for the ice sheet’s future fate. In the relatively cool
conditions of the Antarctic, most of the meltwater usually
refreezes in the firn, close to where it is produced. Runoff
to the ocean is a small component of the meltwater cycle
(Bell et al., 2017) and has a small contribution to sea level
rise, unlike on the Greenland Ice Sheet (Agosta et al., 2019).
However, through meltwater refreezing in place, an indirect
and complex chain of processes leading to a potential signif-
icant mass loss has been evidenced (Scambos, 2004). Melt-
water contributes to firn warming and air depletion which
slowly weaken ice shelf structure over decades (Munneke
et al., 2014; Lenaerts et al., 2016; Bell et al., 2018). In paral-
lel, the small component of meltwater that does not refreeze
in the firn may form supraglacial lakes (Banwell et al., 2014;
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Arthur et al., 2020) and surface streams (Dell et al., 2020).
The drainage of these lakes enhances deep crevasse forma-
tion by hydrofracturing, providing one of the possible final
triggers leading to shelf collapse (Banwell et al., 2013; Bell
et al., 2018; Robel and Banwell, 2019; Leeson et al., 2020).
Sea level rise follows from the resulting acceleration of the
upstream land glaciers, against which the ice shelf previously
acted as a buttressing force (Cook et al., 2005).

Surface melting occurrence is also a valuable climate indi-
cator. The energy available for melt in Antarctica is relatively
scarce, even in summer on the low-lying ice shelves, and is
controlled by a variety of climatic variables (Jakobs et al.,
2020). Warming of ice shelf surfaces by the air is a major
driver (Torinesi et al., 2003a), but shortwave radiation and
the intense downwelling longwave radiation during atmo-
spheric rivers (Wille et al., 2019) are also important drivers.
Locally, foehn effect has been shown to drive melt patterns
on the Larsen C shelf at the foothills of the Graham Land
mountain barrier (Luckman et al., 2014; King et al., 2017).
On the Antarctic Peninsula, the occasional winter melt events
are usually attributed to foehn winds (Munneke et al., 2018)
and atmospheric rivers (Wille et al., 2019, 2022). At the con-
tinental scale, no long-term positive trends are apparent in
the melt records over ice shelves (1979–2021) so far, despite
local evidenced warming (Johnson et al., 2021). However
change in the westerlies’ strength blowing around the conti-
nent has been shown to be significantly correlated with melt
occurrence (Picard et al., 2007; Johnson et al., 2021). The
El Niño–Southern Oscillation also imprints a subtle signa-
ture on melt in the coasts of the Pacific sector (Johnson et al.,
2021). For all these reasons, the ability to accurately monitor
melt in Antarctica is important.

The detection of the state of surface melting using remote
sensing has received a lot of attention since the inception of
spaceborne microwave radiometry in 1970s (Ridley, 1993;
Zwally and Fiegles, 1994; Abdalati and Steffen, 1997; Tori-
nesi et al., 2003a; Colosio et al., 2021) and later using scat-
terometers and synthetic aperture radars (Kunz and Long,
2006; Johnson et al., 2020). The detection is in principle rel-
atively easy because the apparition of liquid water in snow
induces a sharp changes in the microwave signal. Most detec-
tion algorithms used in Antarctica monitor the microwave ra-
diation at a single frequency and polarization and classify the
surface as melting when the brightness temperature reaches a
predetermined upper threshold. Other algorithms use a com-
bination of channels (different frequencies and/or different
polarizations) or more advanced detection techniques (Liu
et al., 2006), but all are similar in essence.

Despite the abundance of work and the apparent simplic-
ity of the detection, there are several unknowns that prevent
optimal use of the satellite information: (1) the minimum
amount of liquid water to enable the detection is not well
known (Mote and Anderson, 1995; Tedesco et al., 2007),
and this amount may vary across regions and years. Know-
ing this minimum amount is not so important when melt

observations are used as a broad climate indicator (Picard
et al., 2007; Johnson et al., 2021) but becomes critical at
small spatial or temporal scales (Banwell et al., 2021) or
for the evaluation of firn models which predict liquid wa-
ter content (Kuipers Munneke et al., 2012). (2) When the
wet snowpack is overlaid by a dry snow layer – e.g., due
to snowfall, blowing snow, night refreezing or percolation of
meltwater at depth – the microwave observations may still
reveal the presence of underlying water because of the mi-
crowave penetration. For this reason, it is inappropriate to in-
terpret the liquid water detected by microwave observations
as “surface melting” strictly (Torinesi et al., 2003a). Never-
theless, it is not precisely known up to what depth water can
be detected. This depth is likely to change during the melt
season due to snow metamorphism (i.e., grain coarsening,
densification, formation of ice layers). A better estimation of
this depth is required, particularly in the context of multi-
frequency sensor missions that could provide more advanced
information on the fate of meltwater, percolation, refreezing
and runoff in and on the snowpack (Leduc-Leballeur et al.,
2020; Mousavi et al., 2021). (3) Most algorithms produce a
surface melting binary indicator, but there is also a great in-
terest in the quantification of meltwater volume and of the
melt rate (Trusel et al., 2013) as predicted by surface energy
budget and climate models (Kuipers Munneke et al., 2012;
Fettweis et al., 2011). However, the possibility of retrieving
such advanced information from microwave observations is
debated, and limitations and possible accuracy need to be as-
sessed. (4) When the surface becomes extremely wet (i.e., a
saturated water layer, running water, surface ponding), the
microwave brightness temperature decreases – because open
water surfaces have a low emissivity (Comiso et al., 2003)
– up to the point that melt detection may become impossi-
ble despite the surface being obviously wet. To our knowl-
edge, existing products do not take this limitation into ac-
count. More specifically, the areal fraction of a pixel covered
by supraglacial lakes, above which melt detection becomes
impossible, remains to be quantified.

This study works to fill the four knowledge gaps out-
lined above by presenting a series of sensitivity analyses
using microwave radiative transfer modeling. The focus is
on the multi-frequency sensors (or combination of sensors)
found in operational and in-preparation radiometry missions
such as SMOS (Soil Moisture and Ocean Salinity; Kerr
et al., 2010), SMAP (Soil Moisture Active Passive; En-
tekhabi et al., 2010), AMSR-E (Advanced Microwave Scan-
ning Radiometer - Earth Observing System sensor), AMSR2,
AMSR3 (Kasahara et al., 2020) and CIMR (Copernicus
Imaging Microwave Radiometer; Kern et al., 2020). The
overarching goal is to refine the interpretation of the datasets
produced with the existing algorithms and to pave the way to
new, more advanced, melt detection algorithms. This study is
particularly aimed at users who need a better and more quan-
titative understanding of the various microwave melt prod-
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ucts for detailed investigations and thorough firn model eval-
uations.

To conduct realistic simulations with wet snow, a pre-
requisite is an accurate representation of the snowpack at the
onset of the melt season. Given the lack of adequate in situ
snow measurements in the Antarctic coastal marginal areas,
our approach is to first retrieve the snowpack properties from
the microwave observations. This is only possible when the
snowpack is dry, before or after the melt season. Our method
builds on ideas from Mote and Anderson (1995) and Brucker
et al. (2010) but with a more advanced setup. It provides a
simplified but realistic dry snowpack that can be then modi-
fied with added water in different proportions and depths to
investigate the microwave sensitivity to liquid water.

The paper is structured as follows: Sect. 2 describes the
microwave observations and the test sites. Section 3 out-
lines the radiative transfer model, the approach to retrieve
the snowpack properties and the conducted simulations with
added water in varying amount and depth. Section 4 presents
the simulation results. Section 5 addresses the implication of
the sensitivity analysis for the users of melt products and for
algorithm developers.

2 Study sites and observations

Eight Antarctic coastal sites have been selected to investi-
gate the sensitivity of microwave data to meltwater (Fig. 1
and Table 1). Five of them (Maudheimvida, Halvfarryggen,
Larsen C, Larsen B and Roi Baudouin) are chosen due to
the availability of detailed meteorological observations and
melt estimates (Jakobs et al., 2020). Three other sites are
located on major ice shelves and have a wide variety of
conditions: Wilkins (high accumulation, presence of aquifer,
Montgomery et al., 2020), Amery (low accumulation, pres-
ence of supraglacial lakes, Spergel et al., 2021) and Shack-
leton (high accumulation, Saunderson et al., 2022). All the
sites are on ice shelves except Maudheimvida and Halvfar-
ryggen. With firn and ice deeper than 100 m, the influence of
the underlying substrate is only significant at the L band in
dry conditions and is treated appropriately in our modeling
setup.

Passive microwave observations acquired by the Ad-
vanced Microwave Scanning Radiometer 2 (AMSR2) on
board Japan’s Global Change Observation Mission – Wa-
ter “SHIZUKU” (GCOM-W) satellite are used for the re-
trieval, general statistics and melt detection. Data at 6, 10,
19 and 37 GHz at vertical and horizontal polarizations are ex-
tracted from the National Snow and Ice Data Center (NSIDC)
AMSR-E/AMSR2 Unified Level-3 Daily product, version 2
(Meier et al., 2018). The product has a resolution of 25 km
at 6 and 10 GHz and 12.5 km at 19 and 37 GHz. The typical
brightness temperature accuracy is ±1 K. Observations from
the Soil Moisture Ocean Salinity (SMOS) from the European
Space Agency (ESA), the Centre National d’Études Spa-

Figure 1. Map of Antarctica with the eight study sites. The annual
mean number of melt days detected by the algorithm (Torinesi et al.,
2003a) using AMSR2 19 GHz with horizontal polarization and as-
cending pass observations (2012–2022) is shown in red shading.

tiales (CNES) and the Centro para el Desarrollo Tecnológico
Industrial (CDTI) are also used to provide L-band data at
1.4 GHz (Kerr et al., 2001). We use the Level 3 product
(Al Bitar et al., 2017) downloaded from the Centre Aval de
Traitement des Données SMOS (https://www.catds.fr/, last
access: 14 March 2022) and selected the nearest pixel of each
site from the EASE-Grid 2 (Equal-Area Scalable Earth) in
equatorial projection, which tends to be distorted in the polar
regions (around 100 km in the meridian direction and 6 km in
the zonal direction). The daily brightness temperature at 50–
55◦ viewing angle is extracted at both vertical and horizontal
polarizations. The typical brightness temperature accuracy is
±2 K.

In this paper, the melt is detected both in the simulations
and in the observations when the brightness temperature ex-
ceeds a threshold value calculated as the June to September
mean brightness temperature (referred to as “dry brightness
temperature” hereafter) +20 K. More elaborated algorithms
exist (e.g., Mote and Anderson, 1995; Torinesi et al., 2003a;
Johnson et al., 2020), but we choose the same fixed offset at
all frequencies for the sake of simplicity and reproducibil-
ity of the results. The value of 20 K is lower than that used
by Zwally and Fiegles (1994) but corresponds to a typical
value of the adaptive algorithm by Torinesi et al. (2003a).
The simulation results and analysis code are publicly avail-
able for further experiments with other algorithms (see the
“Data availability” section).
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Table 1. Details of the eight sites selected to investigate the sensitivity of microwave data to meltwater. Automatic weather station (AWS)
names are from Jakobs et al. (2020); temperatures are from the ERA5 reanalysis (Hersbach et al., 2020); melt days are from the AMSR2
19 GHz H-pol (horizontal polarization) channel (Torinesi et al., 2003a); ice thickness is from Bedmap2 (Fretwell et al., 2013); surface mass
balance (SMB) is from RACMO (Regional Atmospheric Climate Model; Van Wessem et al., 2014).

Site Coordinates Annual (winter) Number of Ice thickness Mean annual
2 m temperature (◦C) melt days (m) SMB (kgm−2)

Halvfarryggen (aws11) −71.170, −6.800 −15.8 (−22.5) 0.0 886 625
Camp Maudheimvida (aws5) −73.100, −13.170 −17.8 (−24.6) 2.7 681 384
Amery −70.354, 70.948 −20.3 (−27.4) 29.1 626 149
Shackleton −66.123, 98.395 −14.4 (−19.2) 42.4 200 762
Roi Baudouin (aws19) −70.950, 26.270 −13.7 (−19.3) 44.1 376 294
Larsen C South (aws15) −67.570, −62.150 −12.7 (−19.7) 59.7 292 381
Larsen B (aws17) −65.930, −61.850 −11.5 (−18.1) 78.0 206 282
Wilkins −70.710, −71.940 −9.4 (−15.5) 105.3 150 665

3 Method

3.1 The Snow Microwave Radiative Transfer model

Brightness temperature simulations are run with the Snow
Microwave Radiative Transfer (SMRT) model (Picard et al.,
2018). This model is one-dimensional, and it represents the
snowpack with horizontal layers. In each layer, the snow
microstructure representation, temperature and liquid water
content must be prescribed. Here, we selected the exponen-
tial microstructure representation which imposes to provide
in addition the density and the correlation length for each
layer (Sandells et al., 2021). Very similar results would be
obtained with a different microstructure representation as
long as the same microwave grain size is used, as demon-
strated in Picard et al. (2022a).

Once the snowpack parameters are set, the model com-
putes scattering in every layer using one of the theories avail-
able in SMRT (Picard et al., 2018). Here we selected the
symmetrized strong contrast expansion, recently introduced
in Torquato and Kim (2021), for general random porous me-
dia and applied to snow in Picard et al. (2022b). This the-
ory has the advantage of treating the ice and air components
of the snow microstructure in a symmetrical way so that the
scattering function is continuous over the whole range of ice
fractions (0–1). Before the use of this method, these func-
tions were discontinuous when the ice components become
preponderant with respect to air in the firn (i.e., around a den-
sity of 917/2= 457 kgm−3). In a last step, SMRT solves the
multi-layer radiative transfer equation using the discrete or-
dinate method (Picard et al., 2018). Atmospheric absorption
and emission are neglected here due to the low frequencies
and the relatively cold and dry Antarctic atmosphere. The
output is the brightness temperature of the snowpack at two
polarizations (vertical and horizontal) and at 55◦ incidence
angle for both AMSR2 and SMOS, close to the Brewster an-
gle. Most simulations are run for a single point, but some are
run at multiple points to account for the heterogeneity within

large pixels. The resulting brightness temperature over such
a pixel is the average of the results at all points.

3.2 Wet snow permittivity

The main effect of the liquid water in snow with respect to
microwaves is to increase both the real and imaginary parts
of the complex effective permittivity. Hence, estimating the
effective permittivity of the water, ice and air mixture is an
important step to investigate the sensitivity of microwaves to
the water content and especially to determine the minimal
detectable amount of water. However, no perfect permittiv-
ity formulation exists despite tremendous efforts in the 1970s
and 1980s (Tiuri and Schultz, 1980; Sihvola et al., 1985; Hal-
likainen et al., 1986; Mätzler, 1987, and references therein).

In a nutshell, two main regimes of wetness must be distin-
guished (Colbeck, 1980) depending on the low or high volu-
metric water content. In the pendular regime, the volumetric
water content is low (< 3 %–7 % of the total snow volume)
and the water appears as isolated inclusions in the pore space
(i.e., between the ice grains), usually at the joints and in the
necks, where the surface tension energy is minimal. A pos-
sible representation in this regime is to consider isolated wa-
ter inclusions mixed in a dry snow background. In this case,
the Maxwell Garnett (MG) mixing formula applies (Sihvola,
1999). However, a delicate choice remains for the shape of
these inclusions that controls the depolarization factor in this
formula (Colbeck, 1980; Mätzler, 1987).

In the funicular (> 3 %–7 %) regime, water forms a con-
tinuous shell around the ice and the air pores become iso-
lated (a non continuous phase). By assuming spherical ice
grains coated by a thin water shell, the MG mixing formula
applies if the water is the background and ice is the inclu-
sions (Chopra and Reddy, 1986). This result is counterintu-
itive since the water is usually in the minority, but it can be
understood by the fact that the electromagnetic waves mainly
interact with the outer part of the grains, which is with the
thin water shell. This model coincidentally has the advantage
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of describing saturated snow well, as water actually occupies
the background, ice grains are isolated and air is virtually ab-
sent in this case. For testing, we also consider the MG mix-
ture of water droplets in an ice background (called here the
water pocket model). In both cases, to account for the air,
the Polder and van Santen formula (Polder and van Santen,
1946) can be used to mix the air and one of these “wet ice”
mixtures.

Countless other mixing strategies and empirical fits are
possible, resulting in significantly different permittivity for-
mulations. A number of them have been added in SMRT for
this study. For a few of these formulations, Fig. 2 shows the
real and imaginary parts of the permittivity as a function of
the liquid water content ranging from zero (dry snow) up to
the saturation point (no air) for the various sensitivity tests.
All formulations agree on the fact that the permittivity (for
both real and imaginary parts) increases with the water con-
tent due to the significantly higher water permittivity with
respect to that of ice and air. However, differences between
the formulations are large, for both the real and imaginary
parts.

The formulations shown with circles in Fig. 2 are based
on dielectric measurements of wet snow, while the formu-
lations shown with solid lines are solely based on theoret-
ically mixing ice, air and water with spherical inclusions.
The formulation for the pendular regime by Colbeck (1980)
is designed for small amounts. Likewise, the formulations
by Wiesmann and Mätzler (1999) and by Hallikainen et al.
(1986) (used here with the version updated by Ulaby and
Long, 2015) respond quasi-linearly to the water content be-
cause they were fitted with experiments including small wa-
ter contents only. Their validity for high water contents is
unknown. MEMLS v3 (Microwave Emission Model of Lay-
ered Snowpacks; Mätzler and Wiesmann, 2007) extends the
formulation by Wiesmann and Mätzler (1999) for high con-
tents. A first group of formulations features similar behavior
for small water contents; it comprises the Colbeck (1980)
pendular, Wiesmann and Mätzler (1999), MEMLS v3, and
the coated spheres. At the other end of the range, near the
saturation point, the coated spheres, the two-step mixing
(ice+water)+ air and both Colbeck (1980) models converge
towards similar values (≈ 14+j16). The water pocket model
is an outlier, which is expected given that melting snow is un-
likely to be made of water inclusions in the ice crystals.

The fundamental reason for these large differences and
lack of consensus is the extreme sensitivity of the effective
permittivity to the depolarization ratio, which itself depends
on the shape of the inclusions. Water inclusions in the pendu-
lar regime can be very elongated depending on the ice matrix.
Until new permittivity and microstructure measurements are
made, new developments are unlikely. A pragmatic choice
between these formulations remains the only option.

In this study, we selected the MEMLS v3 formulation for
the reference simulations because it is based on actual mea-
surements and has an intermediate behavior. We also consid-

ered the formulation by Hallikainen et al. (1986) and show
that it can not reproduce melting snow observations.

3.3 Retrieval of the dry snowpack properties

The effective snowpack properties are retrieved at all test
sites independently, before and just after the melt season. We
call these two periods “winter” (June–September) and “au-
tumn” (April–May) for convenience. The retrieval is done
by searching the optimal profiles of snow properties which
lead to the best agreement between the microwave observa-
tions and SMRT output. We do not consider the temporal
variations during the periods; only the averaged observations
are used as input, and the output is a single “average” snow-
pack for each period. This retrieval approach builds upon pre-
vious work for the dry snowpack on the Antarctic Plateau
(Brucker et al., 2010) and is also somewhat comparable to
Mote and Anderson (1995) where the scattering of the snow-
pack is first optimized in winter to then better detect sum-
mer melt. Our approach differs mainly due to our considera-
tion of a more complex snowpack. Specifically, here, the un-
known snow properties include the correlation length, snow
density and ice layer number density (given in number per
meter). This triplet is able to drive the most dominant pat-
tern of variations in brightness temperature. Density mainly
controls the absorption and scattering; grain size controls the
scattering; and the ice layer number controls the difference
between the horizontal and vertical polarizations (H-pol and
V-pol hereinafter). The terrain is assumed flat, and the sur-
face roughness is neglected after preliminary tests performed
with SMRT and the integral equation model (IEM) for rough
surfaces (Brogioni et al., 2010) to determine the sensitiv-
ity of the brightness temperature in wet conditions to this
snowpack characteristic. The profiles of the properties are
assumed to be piecewise linear functions with four tie points
at depths of 0, 3, 8 and 20 m, chosen to cover the range of
e-folding depths at 6 GHz and higher frequencies. These tie
points are the main unknowns of the optimization problem.
At depths > 30 m, the density is set constant to a typical
value of 912 kgm−3 for deep firn (Burr et al., 2019) down
to the base of the ice shelf (ice thicknesses are given in Ta-
ble 1), where a saline water interface is added.

The temperature profile is prescribed for each season and
site. It is approximated by superposing the seasonal tem-
perature cycle penetrating down to d = 2m depth (Picard
et al., 2009) and the overall steady gradient within the ice
shelf resulting from the difference of surface and bottom
temperature. The temperature profile is described by T (z)=
(Ts−Ta)exp(−z/d)+Taz/H+Tw(H−z)/H , where Ta and
Ts are the mean annual and mean seasonal 2 m air temper-
atures, Tw =−2 ◦C is the ice shelf bottom temperature, and
H the shelf thickness. Air temperatures are from the ERA5
reanalysis (Hersbach et al., 2020).

To compute the optimal values and uncertainties at the tie
points, we use Bayesian inference (Martin, 2022). The reason
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Figure 2. Real (a) and imaginary (b) parts of wet snow effective permittivity at 19 GHz, calculated with different formulations for increasing
quantities of water filling the pore space of snow with an initial density of 300 kgm−3 up to the saturation point (i.e., until no air is left in the
pores).

of this choice is first because we have only 8 observations
(6, 10, 19 and 37 GHz at two polarizations, as L-band data
are unused at this stage) for 12 unknowns (3 properties at 4
tie points). The minimization problem is under-determined,
and the set of optimal properties is not unique. The second
motivation is to account for the uncertainties in the model re-
sults with respect to the observations. We proceed as follows:
each unknown is given a prior distribution, and the goal is to
compute the joint posterior distribution of the unknown pa-
rameters of the model given the microwave observations. For
the prior, we consider that little is known about the snowpack
in these regions and choose uniform prior distributions with
very wide ranges (also called uninformative priors) to avoid
constraining the results with incorrect assumptions. The prior
tie point densities are sampled in the ranges 200–700, 300–
800, 400–910 and 400–910 kgm−3 respectively at the four
depths; the grain sizes in the ranges 0–1.5, 0–2.5, 0–2.5 and
0–2.5 mm respectively at the four depths; and the ice layer
number densities in the range 0–7 m−1 at all depths. For the
densities, we also add a constraint; the profiles with decreas-
ing densities with depth are attributed a lower probability
than those with increasing densities. The likelihood is set by
assuming that the observations are normally distributed with
zero mean (no bias between model and observation) and an
unknown standard deviation σ to be determined by Bayesian
inference at the same time as the 12 other unknowns. This
standard deviation accounts for the observation uncertainties
and representativeness error of the model (i.e., the simplifica-
tion and the scale mismatch). After the priors and likelihood
are set up, we compute the posterior with the differential
evolution adaptive metropolis (DREAM) algorithm. This al-
gorithm is an efficient Markov chain Monte Carlo (MCMC)
method (ter Braak and Vrugt, 2008; Laloy and Vrugt, 2012;
Shockley et al., 2017); 16 chains (recommended number be-

tween d/2 and 2d , with d the number of unknowns) are run
in parallel over 2000 iterations, and the first 50 % samples are
discarded (“burn-in”). The output is an ensemble of 16 000
tie point sets following the posterior probability. However,
the MCMC methods tend to produce auto-correlated sam-
ples, and in our case, the effective sample size as defined in
Martin (2022) is estimated at ≈ 100. To assess the MCMC
convergence, we calculated the potential scale reduction fac-
tor (R̂) (Gelman and Rubin, 1992) as provided by the ArviZ
software (Kumar et al., 2019). Overall we obtain R̂ values
lower than 1.2 for all parameters and all sites (in the burned-
in ensemble) which is acceptable. For each site, the most
probable posterior set (maximum a posteriori, MAP) is se-
lected in the ensemble and used in the following sensitiv-
ity analyses. We also conduct some simulations with a large
number of samples to investigate the impact of retrieval un-
certainty on the sensitivity analysis.

In summary, after the optimization phase, we have, for
each site and each season, many parameterized snowpacks
to simulate the microwave observations, and one of them
is the optimal. While it is tempting to analyze the retrieved
properties of those snowpacks, it is important to recall that
the problem is under-determined and the snowpack repre-
sentation simplified. Many equifinal sets of parameters give
similar brightness temperatures, despite potentially depicting
quite different snowpacks from one another and from the real
snowpack as well (Beven and Binley, 1992).

3.4 Wet snow simulations

To investigate the sensitivity of satellite microwave observa-
tions to liquid water, we ran simulations with the optimal dry
snowpacks (for the winter season, unless otherwise stated)
to which water was added in various quantities and at vari-
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ous depths. Water was always added by filling the air pores,
which means that the ice mass (i.e., the dry snow density)
is kept constant. In addition to generate a temperature pro-
file representative of the summer season, we apply the same
method as in winter except that Ts is set to 273 K.

We consider the following numerical experiments:

– Experiment 0 – dry snowpack;

– Experiment 1 – increasing water quantity in the superfi-
cial 10 cm thick layer;

– Experiment 2 – increasing water quantity in the superfi-
cial 1, 2, 5, 10 and 50 cm thick layer;

– Experiment 3 – increasing depth of a wet snow layer
with a fixed volumetric water content and thickness
(1.5 kgm−2 and 10 cm);

– Experiment 4 – mixed pixel with a varying proportion
of wet snowpack and supraglacial lakes.

4 Results

4.1 The dry snowpack – Experiment 0

Figure 3 shows the observed (triangles) and simulated (cir-
cles) winter brightness temperatures for each site at four
AMSR2 frequencies and at the SMOS frequency in V-pol
and H-pol. The sites are sorted by an increasing number of
annual melt days.

The brightness temperature varies by a much larger extent
between the sites, 190–240 K at 37 GHz and 150–235 K at
6 GHz, than the variations in air temperature during winter-
time (254–264 K), which indicates a dominant control by the
emissivity that is itself determined by the snowpack struc-
ture. This indicates significantly different snowpacks from
site to site.

The general trend is decreasing brightness temperatures
with increasing numbers of melt days, which is particularly
clear at the highest frequencies (19 and 37 GHz). Amery, de-
spite a moderate number of melt days, stands out with the
lowest brightness temperature among all sites. It may be re-
lated to its distinctively low SMB (Table 1). The H-pol fol-
lows in general the V-pol variations at the highest frequency,
implying a fairly constant H /V ratio over the sites (0.86–
0.90). In contrast, the H-pol at 6 GHz presents a strong de-
creasing trend with the number of melt days, which trans-
lates into a decreasing H /V ratio (from 0.9 to 0.7). Frequen-
cies in between have an intermediate behavior. The 1.4 GHz
frequency features large variations unrelated to the other fre-
quencies. For instance, at H-pol, the brightness temperature
is low and close to that at 6 GHz on Amery and Larsen C,
whereas it is much higher and close to that of 37 GHz in the
other sites. The reason for this is not clear.

In general, V-pol brightness temperature at the Brewster
angle is mainly driven by volume scattering and snow tem-
perature. The observed decreasing trend with the number of
melting days (e.g., a 40 K decrease at 37 GHz) suggests that
scattering is increasing with the number of melting days,
probably because scattering is driven by the snow grain size
and grain coarsening in the presence of water is much faster
than in dry conditions (i.e., wet snow metamorphism; Col-
beck, 1982). It must also be taken into account that fresh
snowfalls counterbalance this coarsening by renewing snow
at the surface with small grains. This may explain why high-
accumulation areas (Shackleton and Wilkins) feature slightly
higher brightness temperatures, despite a large number of
melting days, and conversely why Amery has low brightness
temperatures.

In general, the H-pol brightness temperature is more com-
plex because it is in part controlled by snow scattering and
snow temperature (exactly as V-pol), and in addition, it is
sensitive to the surface density and the vertical density fluc-
tuations in the snowpack (layering). The ice layers decrease
the brightness temperature at H-pol due to the reflections on
the high dielectric contrast between snow and ice in the up-
per part of the firn (Montpetit et al., 2013). The variations in
V-pol and H-pol are correlated and of similar amplitude only
if the ice layer effect is negligible. Here we find that at the
highest frequency (37 GHz), the H-pol variations are close
to that at V-pol. The reason is that the microwave e-folding
depth is about 1 m (e.g., 1.3 m for Halvfarryggen and 0.75 m
for Roi Baudouin) and only a limited number of layers are
crossed by the upwelling radiation over such a small depth.
In contrast, at the lowest frequencies, the e-folding depth is
much larger (e.g., 11.5 m for Halvfarryggen and 5.2 m for
Roi Baudouin at 6 GHz). The H-pol signal is lower than the
V-pol signal due to the cumulative number of layers crossed
by the upwelling radiation emitted in the snowpack at depth.
The H-pol brightness temperatures and the H /V ratios are
therefore generally low at low frequencies.

The simulations with the optimal parameters for each site
produce a good match with the observations at AMSR2 fre-
quencies (dots in Fig. 3). The root mean square error (RMSE)
is low, 1.3, 1.3, 1.7 and 2.0 K at 6, 10, 19 and 37 GHz re-
spectively, accounting for both polarizations. These errors
are comparable to the standard deviation σ estimated by the
algorithm (all-site posterior mean of 2.5 K).

In contrast, the results for the L band (1.4 GHz) are very
different. L-band simulations shown in Fig. 3 were obtained
with a modified grain size profile because the simulations
with the optimal parameters (not shown) present very large
errors (33 K RMSE considering all sites and both polariza-
tions). This may be partly explained by our choice to exclude
the SMOS observations from the optimization. Nevertheless,
the problem is more profound. To reproduce the SMOS ob-
servations, it is necessary to significantly increase scattering
at 1.4 GHz (to simulate the low observed brightness temper-
ature). This could be done by increasing the grain size (we
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Figure 3. Observed (triangles) and modeled (dots) June–September brightness temperatures at vertical polarization (a) and horizontal polar-
ization (b) for SMOS and AMSR2 frequencies. The sites are sorted by increasing number of melt days.

found that an overall factor of ≈ 2.8 is necessary), but the
collateral impact is degraded brightness temperatures at the
higher frequencies. The snow grains are indeed small with
respect to the wavelengths (Rayleigh scatterers), implying
that their scattering spectral response is strongly increasing
with the frequency (≈ 4th power of the frequency). Brucker
et al. (2010) discuss a similar issue for 19 and 37 GHz on
the East Antarctic Plateau. In other words, the relatively low
brightness temperatures observed at the L band compared
to those at higher frequencies are an indicator of the pres-
ence of large scatterers in the snowpack, i.e., probably ice
nodules or pipes (Jezek et al., 2018). We chose not to add
such scatterers in our snowpack representation because it
would require an increased number of unknown parameters
that would not be compensated by the additional observa-
tions provided by SMOS, making our estimation problem
even more under-determined than it is. Instead, we devised
a pragmatic approach. The grain size is multiplied by 2.8, for
all the sites when only simulating the L-band brightness tem-
perature (value obtained by successive tests), which leads to
a reduced, but still relatively high, RMSE of 25 K. These re-
sults are shown in Fig. 3. We hypothesize that this approach
works for the purpose of this study based on the fact that ab-
sorption becomes the dominant process over scattering when
water is added. However, in general, the L-band results must
be taken with caution. For this reason, these results are ad-
dressed in a dedicated section (Sect. 4.6) after the AMSR2
frequency results.

The mean retrieved parameters for all the sites are shown
in Fig. 4. Some general observations can be made despite
the risk of compensation between parameters (equifinality).
It is also worth noting that the properties at 20 m are not al-
ways constrained by the observations, as for instance when
the e-folding depth is only 5.2 m at Roi Baudouin at 6 GHz,
the lowest frequency used in the optimization. In this case,
the method returns a virtually random value for this depth.

Nevertheless, we observed that the grains are systematically
smaller near the surface and generally increase in size with
depth, which is a consequence of the observed brightness
temperature dependence on the frequency as explained in
Brucker et al. (2010). This vertical distribution is expected
because fresh, small-grained, snow is present in winter, over-
lying the wet-metamorphosed, coarse-grained, snow from
the previous summer at depth. The sites with the high bright-
ness temperatures (Halvfarryggen and Maudheimvida) have
distinctly smaller grains at 3 m depth, which is consistent
with the lack of melt at those locations. The density increases
with depth. The ice layer number density at the top of the
snowpack is around 1 m−1 and slightly increases for sites
with greater number of melt days. At a depth of 20 m, this
number is higher and fairly constant around 4 m−1 except at
Wilkins. This increase in ice layer number density with depth
can also be explained with an upper winter-snow layer with
little stratification and a deeper snowpack containing ice lay-
ers that have been buried over time.

The results for the autumn snowpack (results not shown)
highlights a decrease in brightness temperature at 37 GHz
compared to the winter results, associated with a coarsen-
ing of the grains during the melt season (0.044 to 0.075 mm)
and a slightly higher number of layers (1.3 to 1.5 mm) near
the surface.

4.2 Variations with the water content in the surface
layer – Experiment 1

4.2.1 The two microwave emission regimes illustrated
at one site

An increasing amount of water is added in the top 10 cm
layer of the dry snowpack for Roi Baudouin, an intermedi-
ate site in terms of melt and brightness temperature. The ex-
plored range is 0–20 kgm−2, which corresponds to 0 %–20%
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Figure 4. Grain size (i.e., correlation length), density and ice layer
number density (i.e., number of layers per meter) at depths 0, 3, 8
and 20 m for each site in winter. Each triangle is the average over
the 1000 best parameter sets. Note that for Halvfarryggen grain size,
the two triangles for 0 and 3 m depth overlap, and the same applies
at 3 and 8 m in Wilkins.

in volume in the wet layer and about 0–50% in mass (the sur-
face density of the best parameter set is 220 kgm−3). Figure 5
shows the results.

The microwave signal is affected by the presence of liquid
water in the snowpack according to two different microwave
emission regimes. In the first regime, the sudden apparition
of water at the surface of the ice crystal sharply increases the
snow absorption because the imaginary part of the water per-
mittivity is extremely high compared to that of ice (0.0017
at 19 GHz, Mätzler et al., 2006) (Fig. 2). As a result, the
brightness temperature increases because the snowpack be-
comes a near black body. At V-pol, the brightness tempera-
ture reaches 271 K, which is very close to the perfect back
body (273 K). This is a consequence of the observing config-
uration close to the Brewster angle; the vertically polarized
emitted radiation is transmitted through the surface without
any loss. In reality, such high brightness temperatures are
rare; for example they can be found only 347 times in the
full daily AMSR2 19 GHz records gridded at 12.5 km over
nine summers (2012–2021). For comparison, melt is detected
2.5× 106 times on this same grid and for this same period.
In contrast, the H-pol brightness temperature only reaches
240–250 K depending on the frequency because the surface
reflects part of the snowpack emission back down. Despite
this lower maximum, the amplitude of the increase is larger
at H-pol than at V-pol (≈ 60 K versus 55 K), which is also

the case in the observations (Fig. 5c) and is the reason why
most single-channel detection algorithms use the H-pol.

Another important piece of information for the user of
melt products is the water content threshold from which melt
can be detected by the microwave sensor. This information
is crucial for the validation of firn models for instance. We
find that very small amounts of water of 0.11, 0.07, 0.05
and 0.06 kgm−2 can be detected (assuming a +20 K H-pol
increase) at 6, 10, 19 and 37 GHz respectively (values for
the Roi Baudouin site). The sensitivity is slightly higher at
19 and 37 GHz because of the short wavelengths. These val-
ues are similar to those reported in previous work (Tedesco
and Kim, 2006) using the coated permittivity model (the
strongest absorption) and using MEMLS (Fig. 1 in Tedesco
et al., 2007).

When the amount of water further increases, the brightness
temperature reaches a maximum and then slowly decreases
(Fig. 5b). In this second regime, the absorption is still very
strong, but the effect of the high real part of the water permit-
tivity becomes significant (Fig. 2). Note that the small slope
changes (e.g., around 17.5 kgm−2 at 19 GHz) is a numeri-
cal artifact due to this increasing strong permittivity and how
SMRT deals with the refraction in the DORT method (dis-
crete ordinate and eigenvalue; details in Picard et al., 2018).
The wet surface becomes more and more reflective at H-pol
(0.02 at 0 % and 0.27 at 20 % at 19 GHz), reducing the bright-
ness temperature (Naderpour et al., 2017; Leduc-Leballeur
et al., 2020). Then, the Brewster angle increases (from 49◦ at
0 % to 63◦ at 20 %) so that the V-pol brightness temperature
at 55◦ starts decreasing as well, though in a lesser proportion
than at H-pol. The same behavior is observed on wet soils
and is at the basis of soil moisture retrieval algorithms for
SMOS (Kerr et al., 2001). In principle, snow wetness could
be retrieved in this regime using H-pol brightness temper-
ature or the H /V ratio, as investigated by Naderpour and
Schwank (2018).

The transition between the first, “absorption” regime and
the second, “reflective” regime takes place around 0.75 and
1.75 kgm−2 at 37 and 6 GHz respectively. Shi and Dozier
(1995) reported a slightly higher value of 3 kgm−2 for radar
at the C band (5.6 GHz). Using a different formulation of
the wet snow permittivity would change these values. For
instance the coated sphere model (results not shown) has
a higher imaginary part of the permittivity, which leads to
even more rapid increases in the first regime and a reduced
decreasing rate in the second regime because the absorption
dominates even more than the scattering and reflection mech-
anisms.

Figure 6 shows the same sensitivity analysis for a large
ensemble of most probable snowpacks provided by the
Bayesian inference at Roi Baudouin. It highlights the im-
pact of the uncertainties in the retrieved parameters on the
brightness temperature when water is added. In the absorp-
tion regime, the impact is relatively small, and the threshold
of detection and the transition limit to the reflective regime
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Figure 5. Brightness temperatures at Roi Baudouin as a function of the total liquid water content in the top 10 cm of the snowpack for four
frequencies and at V-pol (solid curves) and H-pol (dashed curves) (a, zoomed in; b, full range). The simulated dry brightness temperatures
are marked by the triangles. The seasonal air temperature is set to 273 K, which explains why the dry brightness temperatures are higher than
in Fig. 3 where the winter seasonal temperature was used. Distribution of observed satellite brightness temperatures only for the days when
the surface is melting (based on the melt rates computed from in situ measurements by Jakobs et al., 2020) (c).

Figure 6. Brightness temperatures at Roi Baudouin obtained with
the 1000 best (i.e., most probable) snowpacks as a function of the
total liquid water content for four frequencies at V-pol (solid curves)
and H-pol (dashed curves). The lines show the mean brightness tem-
perature of the ensemble, and the shade areas materialize ±1 stan-
dard deviation around the mean.

are stable across the simulations. Conversely in the reflective
regime, the variability is large, especially at H-pol. By con-
ducting additional simulations where all the snowpacks were
set with a fixed density value at the surface (i.e., in the upper-
most 10 cm layer only), we found a much weaker variability
(results not shown). We conclude that the uncertainty in the
surface density is the main cause of H-pol variability. This
suggests that retrieving snow moisture could be improved by

retrieving the surface density beforehand, a conclusion in line
with the findings of Naderpour and Schwank (2018).

4.2.2 Intra-pixel variability

Because of the coarse resolution of the microwave radiome-
ters (≈ 25 km), it is likely that the presence and quantity
of liquid water in the snowpack is variable within a given
pixel. Combined with the highly non-linear response shown
in Fig. 5, this variability is able to affect the sensitivity an-
alyzed in the previous section. To simulate such an het-
erogeneous pixel, we assume that the liquid water content
follows a normal distribution, with negative values set to
0 kgm−2 (dry snow), and compute the brightness tempera-
ture for 10 000 liquid water values sampled from this dis-
tribution. The resulting brightness temperature over such an
heterogeneous pixel is the average of all these brightness
temperatures. Figure 7 shows the resulting brightness tem-
perature at 19 GHz as a function of the mean liquid water
content in the heterogeneous pixel. The different curves cor-
respond to different standard deviations of the normal dis-
tribution of total liquid water content (σTWC) before remov-
ing the negative values. The results clearly show a change
of sensitivity. The rate at which the brightness temperature
increases when the snowpack becomes wet becomes smaller
and smaller as the heterogeneity increases, an expected out-
come of the concavity of non-linear response shown in Fig. 5.
The water content threshold from which melt can be detected
is about 0.9 kgm−2 for a 2 kgm−2 standard deviation, a 10-
fold increase compared to 0.08 kgm−2 when the pixel is as-
sumed homogeneous.

However, little is known about the distribution of surface
melt rate and of the liquid water content over a 25 km pixel in
reality. It is difficult to conclude whether σTWC ≈ 2 kgm−2

is a realistic value or not. The sources of liquid water con-
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Figure 7. Brightness temperatures as a function of the total liquid
water content at 19 GHz at V-pol (solid curves) and H-pol (dashed
curves) at Roi Baudouin when the liquid water content is hetero-
geneous. σTWC is the standard deviation of the normal distribution
used to generate local total liquid water content (negative values set
to 0).

tent variability include the surface roughness, the large-scale
terrain topography, the wind and cloudiness, dust deposition,
snow density, snow grain size, etc. Future research should in-
vestigate the distribution of melt in more detail. Meanwhile,
this result demonstrates that the uncertainty in the liquid wa-
ter content heterogeneity is a major contributor to the uncer-
tainty associated with relating brightness temperature values
to liquid water content. Indeed, for a given observed bright-
ness temperature value, many different mean liquid water
contents are possible, reducing the possibility of retrieving
accurate values of liquid water content from microwave ra-
diometry.

4.2.3 Inter-site variations

Figure 8 shows the brightness temperatures as a function of
the total liquid water content (for smaller amounts than in
the previous figures) for a homogeneous pixel for the best
snowpack at every site at 19 and 6 GHz. The main charac-
teristics observed at Roi Baudouin (two regimes, threshold,
sensitivity, etc.) in Sect. 4.2.1 appear here to be general. The
variability of the dry brightness temperature is large as al-
ready mentioned in Sect. 4.1, and it may impact the detec-
tion sensitivity and quality. This result is well known, and
all detection algorithms use adaptive techniques to cope with
this variability. For instance, Zwally and Fiegles (1994) take
the detection threshold to equal the averaged H-pol winter
brightness temperature over 9 years plus 30 K. Torinesi et al.
(2003a) take a different threshold for each year equal to the
averaged H-pol winter brightness temperature plus 3 times

the standard deviation H-pol winter brightness temperature.
However, a potential negative consequence of such an adap-
tivity is a variable sensitivity to liquid water content from site
to site and year to year. Our simulations indicate that the de-
tection limit is fairly constant between 0.03 and 0.04 kgm−2

at 19 GHz (with the simple threshold of 20 K), except for the
much higher value of 0.11 kgm−2 for Maudheimvida and
no value for Halvfarryggen, which has dry brightness tem-
peratures too high to be detected. These latter sites with the
highest winter brightness temperatures – where less melt oc-
curred in the previous years – are also those sites with the
lower sensitivity and also possibly a higher false-positive rate
if the threshold is reduced below 20 K, in line with Tedesco
(2009). This variability in the sensitivity motivated the devel-
opment of a more advanced algorithm (Tedesco, 2009) where
a radiative transfer model (MEMLS) estimates the brightness
temperature threshold for a user-defined fixed water content
depending on the snowpack characteristics.

4.2.4 Impact of the permittivity formulation

The results presented in the previous sections rely on the se-
lected permittivity formulation (MEMLS v3). To illustrate
the importance of the formulation, we run simulations with
the H86 formulation (Hallikainen et al., 1986; Ulaby and
Long, 2015), which has a relatively extreme behavior com-
pared to the selected formulation. The results in Fig. 9 de-
pict a very different behavior of brightness temperature for
small amounts of water. A marked minimum in brightness
temperature is observed around 0.5 kgm−2 at all frequen-
cies and polarizations. This minimum is the signature of a
“scattering regime”. Indeed the H86 formulation features a
particularly low imaginary part, while the real part is not dif-
ferent from that of the other formulations. When the snow-
pack is transitioning from dry to wet, the scattering is en-
hanced by the rapidly increasing real part (i.e., snow grains
become more reflective), while the absorption remains weak
due to the low imaginary part. The consequence is a decreas-
ing brightness temperature with increasing water content un-
til the absorption starts increasing significantly, offsetting the
scattering effect. The “scattering” regime dominates up to
about 2.5 kgm−2 when the brightness temperature recovers
to the winter value and then further increases in the absorp-
tion regime as found with the MEMLS v3 permittivity for-
mulation. To assess the relevance of H86 formulation, we
explored a large number of time series of AMSR2 brightness
temperatures around the Antarctic and never noticed such
a decrease in brightness temperature caused by weak melt
events. We therefore conclude that the imaginary part of H86
formulation is certainly inadequate to model wet snow.
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Figure 8. Brightness temperatures as a function of the liquid water content for all sites at V-pol (solid curves) and H-pol (dashed curves) at
6 GHz (a) and 19 GHz (b). The values of the dry brightness temperatures are marked by the triangles.

4.3 Variations with the thickness of the wet snow layer
– Experiment 2

The previous results were obtained with a fixed wet snow
layer of 10 cm. Figure 10 reports a few results for different
thicknesses of wet snow hw (for Roi Baudouin and at 6 and
19 GHz only) considering two predictor variables (i.e., the
variable on the x axis): the total liquid water content TWC
(in kgm−2) or the volumetric liquid water content θi (a frac-
tion, no unit, usually expressed in percent). These variables
are related by TWC= θiρwaterhw, where ρwater is the water
density. We find that varying the thickness of the wet snow
layer has little influence on the results if the total amount of
liquid water is fixed (Fig. 10a), and in contrast, very large
variations are observed if the volumetric liquid water con-
tent is fixed (Fig. 10b). This result is expected given that the
brightness temperature is mainly driven by the absorption of
the upwelling radiation through the wet snow layer and that
this absorption is quasi proportional to the total mass of wa-
ter, at least for small amounts of water (i.e., the imaginary
part of the effective permittivity is linear for small amounts;
see Fig. 2). It means that the results in the previous section
generalize well if the layer thickness differs from 10 cm as
long as the total liquid water content is used on the x axis.
Despite this, many authors usually report results in terms
of volumetric liquid water content (e.g., Tedesco and Kim,
2006; Naderpour and Schwank, 2018) because it is a mea-
surable quantity and it naturally appears in metamorphism
models. However, in this case, our results also show that it is
crucial to clearly report the thickness of the wet layer.

The case of thin wet snow layers (i.e., 1 and 2 cm) is par-
ticular. Figure 10a depicts a smaller increase in brightness

temperature (especially at H-pol and 6 GHz) for the thinnest
layers, compared to the thicker layers. We explain this spe-
cific finding by the high volumetric liquid water content in
the thin surface layer, which leads to a high permittivity con-
stant, a high reflectivity and in turn a low emissivity.

In conclusion, plotting brightness temperature variations
as a function of the total liquid water content (kgm−2) al-
lows for a better generalization of our results for other thick-
nesses than if the volumetric liquid water content was used.
For this reason, we generally present our results in terms of
total liquid water content.

4.4 Influence of the depth of the wet snow layer –
Experiment 3

Because of refreezing at night or during/after snowfall, it is
frequent that a wet layer is covered by dry snow. How the
brightness temperature is affected and how deep wet snow
can be detected at a given frequency is an important question
when investigating refreezing (Leduc-Leballeur et al., 2020).
Figure 11 shows the brightness temperatures when a 10 cm
wet snow layer (1.5 kgm−2) sinks into the dry snowpack at
Roi Baudouin.

If we exclude a local maximum near the surface at H-
pol (due to the impedance matching reducing the reflectivity
when dry snow covers the wet snow layer), the brightness
temperature decreases as a function of depth and reaches
an asymptotic value corresponding to the dry snowpack.
The rate of decrease depends mainly on the frequency. The
37 GHz signal reaches the asymptotic value above 2 m, and
this depth is about 4, 8 and 10 m at 19, 10 and 6 GHz. These
depths are consistent with the typical e-folding depths esti-
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Figure 9. Brightness temperatures at Roi Baudouin at V-pol (solid curves) and H-pol (dashed curves) computed with the permittivity for-
mulation from Hallikainen et al. (1986) featuring a low imaginary part as a function of the total liquid water content (a, zoomed in; b, full
range). The dry brightness temperatures are marked by the triangles.

Figure 10. Brightness temperature as a function of the total liquid water content (a) and the volumetric liquid water content (b) for various
wet snow layer thickness, for Roi Baudouin at 6 GHz (pink) and 19 GHz (orange), at V-pol (solid curves) and H-pol (dashed curves). V-pol
is not on panel (b) for the sake of readability.

mated in the Antarctic dry snowpack (Surdyk, 2002; Picard
et al., 2009), and the decreasing trend with frequency is ex-
plained by the increasing absorption and scattering coeffi-
cients with frequency. Figure 12 illustrates this behavior with
observations from the Wilkins site. This site was selected be-
cause refreezing (or percolation) of meltwater is slow and
regular, leading to a clearly visible slow relaxation of the
brightness temperatures at 10 and 6 GHz (decreasing in expo-
nential shape). In contrast, 19 and 37 GHz brightness temper-
atures rapidly decrease as soon as the surface meltwater re-
freezes in March and then slowly increases from April, espe-
cially at 37 GHz, due to the accumulation of fresh snow with
fine grains over the summer layer composed of metamor-

phosed snow, with coarse grains. This area is known for the
presence of aquifers (Montgomery et al., 2020; van Wessem
et al., 2021).

If we consider a detection threshold of 20 K above the dry
mean H-pol brightness temperature, Fig. 11 indicates that
wet snow can be detected at up to 5.6, 2.8, 1.4 and 0.6 m at
Roi Baudouin for 6, 10, 19 and 37 GHz respectively. These
values only partially follow the variations of e-folding depths
with frequency because the detection is also dependent on the
brightness temperature amplitude between dry and wet snow.
This amplitude is lower at lower frequencies, and the detec-
tion is less sensitive in general.
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Figure 11. Brightness temperature of a wet snowpack as a function
of the depth of a 10 cm thick wet snow layer at Roi Baudouin at
V-pol (solid curves) and H-pol (dashed curves). Each curve is the
average of the 100 best snowpacks to smooth the curves. The values
of the dry brightness temperatures are marked by the triangles.

Figure 12. Time series of AMSR2 brightness temperature at V-pol
and of ERA5 2 m air temperature (T2m) at Wilkins.

Interestingly these detection depths are variable from site
to site and depend on the season as depicted in Fig. 13. The
site dependence seems to be influenced by the dry brightness
temperature (Amery and Larsen C feature the lowest winter
brightness temperatures at the two or three lowest frequen-
cies and the deepest possible detection) rather than by the
e-folding depth which is expected to be reduced when the
brightness temperature is lower due to coarser snow grains.
At 37 GHz the pattern is less marked, probably because of
the reduced penetration depth because the snow in the top-

Figure 13. Maximum depth of detection (assuming a threshold at
dry brightness temperature +20 K) as a function of season, site and
frequency. The polarization is horizontal. Winter and autumn are
in light- and dark-color shades respectively. Melt in Maudheimvida
and Halvfarryggen is never detected with the aforementioned crite-
rion.

most meter is new in winter and thereby not influenced by
the previous year melt.

The maximum detection depth is generally reduced in the
autumn snowpack (dark-colored bars in Fig. 13) compared
to that in winter (light-shaded bars). Meltwater profoundly
transforms the upper snow layers by wet metamorphism and
formation of ice nodules. Larger grains and nodules lead
to enhanced scattering (when the snowpack becomes dry),
which reduces the e-folding depth. The lower frequencies are
less affected because these processes are most active near the
surface and also because of the lesser role of scattering. This
result implies that the detection at 37 GHz may be more chal-
lenging, with the necessity to adapt the threshold during the
course of the melt season.

No maximum detection depth can be estimated for Maud-
heimvida and Halvfarryggen (the two driest sites) because
the brightness temperature variations with the depth of the
wet snow layer are much weaker than the threshold of 20 K
and weaker than at the other sites (Fig. 14 for Halvfar-
ryggen), probably because the dry snowpack is already close
to a black body (small grains, high density, according to our
retrieval). With a smaller threshold at these two sites, the
melt could be detected in H-pol at low frequencies accord-
ing to SMRT but not at high frequencies. This unexpected
behavior is confirmed by the observed time series of bright-
ness temperature in Fig. 14. The brightness temperature at 6
and 10 GHz features the characteristic increase of a melting
snowpack in summer, although the higher frequencies follow
the annual temperature cycle. The surrounding pixels (not
shown) are alike, ruling out a collateral effect of the field
of view increasing with decreasing frequency.
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Figure 14. Brightness temperature as a function of the depth of the 10 cm thick wet snow layer at Halvfarryggen at V-pol (solid curves)
and H-pol (dashed curves) (a). Values of dry brightness temperatures are marked by triangles. Each curve is the average of the 1000 best
snowpacks. Time series of brightness temperature observations at Halvfarryggen (b).

4.5 Saturated snow layer (“slush”) and supraglacial
lakes – Experiment 4

In Experiment 1, we evaluated the influence of the water con-
tent for small to moderate fractions (up to 20 kgm−2, which
is equivalent to 20 % water volume) and showed a decrease
of H-pol brightness temperature in the reflective regime. In
the case of intense melt and multiple freeze–thaw cycles, an
impermeable ice horizon may form at or below the surface.
By preventing percolation, this horizon allows for meltwa-
ter to accumulate, leading to high fractional volumes of wa-
ter, which is often referred to as “slush” in the literature and
is frequent in Antarctica (Dell et al., 2021). In the most ex-
treme case, a supraglacial lake may form (no ice crystals are
present at the surface). As soon as the thickness of such a
saturated layer exceeds a quarter of the wavelength (Wies-
mann et al., 1998), i.e., a few millimeters depending on the
frequency, the brightness temperature strongly decreases due
to the high reflectively of this layer. Here we investigate the
risk of misclassifying such a pixel as not melting, despite the
obvious presence of meltwater. Two cases are studied: a snow
layer saturated with water (slush) and supraglacial lakes.

Saturated snow is modeled as a mixture of ice scatterers in
a water background. Figure 15 shows the variations of bright-
ness temperatures when the proportion of water increases
from pure ice to pure water. When this layer is exactly at
the surface (solid lines), the brightness temperature first in-
creases (due to the increasing absorption) and then decreases
to very low values (due to the increasing reflectivity of the
wet interface). Analysis of the AMSR2 dataset suggests that
such values, which are much lower than the winter average,
have never been observed on glacial ice (it is however com-
mon on sea ice), which raises the question as to how realistic
this simulation is.

Another set of simulations with the saturated layer over-
laid by a thin moderately wet snow layer (5 cm thick and total
water content of 5 kgm−2) was run (dashed lines in Fig. 15).
The signal is completely different from the previous simula-
tion because the wet snow layer is a strong absorber, so no ra-
diation emerges from the saturated layer below, and its emis-
sion is close to that of a black body, so it has a high brightness
temperature. These simulations highlight the critical role of
the surface conditions. If the snow is wet but not saturated in
the upper snowpack (a thickness of a quarter wavelength is
sufficient), this layer and everything below have no influence
on the brightness temperature.

Supraglacial lakes correspond to a water fractional volume
of 100 % in Fig. 15, characterized by very low brightness
temperatures. However, the coverage of supraglacial lakes
is never complete at the scale of the microwave radiome-
ter resolution (≈ 12–50 km) in Antarctica; a pixel contains
some fraction of ponded lake water, and the remaining area
is snow. To investigate this situation, which is frequent on
the ice shelves, we simulate the pixel-averaged brightness
temperature by linear combination of a simulation with a
flat, pure-water surface and a simulation with a wet snow-
pack with 1.5 kgm−2 total water content as in Experiment 1.
The results in Fig. 16 show a strong negative trend in bright-
ness temperature as a function of supraglacial lake fraction
at both polarizations. When this trend intersects the thresh-
old of detection (shown as a dashed horizontal line for each
frequency and polarization, assuming the threshold at dry
brightness temperature +20 K), the mixed pixel is detected
as non-melting, which is a false negative. This occurs for lake
fractions larger than 42 %–48 % at 6 GHz and 57 %–60 % at
19 GHz, the lower and higher bounds corresponding to the
H-pol and V-pol respectively. Such high areal lake cover-
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Figure 15. Brightness temperature of a water-saturated layer as a function of the water proportion (the remaining proportion is ice). The
saturated layer is located at the top of the snowpack (solid lines) and 5 cm below a wet snow layer (5 kgm−2, dashed lines).

age fractions have rarely been observed in Antarctica (Arthur
et al., 2022). For example, even before the near-complete col-
lapse of the Larsen B Ice Shelf in 2002, which has been at-
tributed to the hydrofracture drainage of about 3000 lakes
(Banwell et al., 2013; Robel and Banwell, 2019), the frac-
tional lake coverage reached a maximum of only 10 % (Ban-
well et al., 2014). Searching for a significant decrease in
brightness temperature in the AMSR2 dataset has been un-
successful even on shelves subject to ponding, as for instance
on the north George VI Ice Shelf where a maximum of 15 %
lake coverage was observed (Banwell et al., 2021) or on the
eastern Roi Baudouin Ice Shelf (Dell et al., 2021).

We can conclude that false-negative melt detection due to
supraglacial lake is unlikely at the present time in Antarc-
tica. In contrast, the Greenland Ice Sheet is subject to more
intense surface melting in the ablation area (Bell et al., 2018).
For example, a recent case of flooding on the ice sheet was
reported in August 2021 (Box et al., 2022) after an atmo-
spheric river, combined with rain, triggered a massive melt
event. The decrease in brightness temperature at 19 GHz is
visible, although the surface was probably wet and remained
wet for many days after this event.

4.6 The sensitivity of the L band to liquid water

Using the grain size adjusted snowpack, we assess the sensi-
tivity of the L band to liquid water, first in the top layer with
a similar setup as Experiment 1, except that the wet layer is
30 cm thick to account for the much longer wavelength at the
L band. The analysis is conducted at Roi Baudouin where the
dry snowpack simulations are fairly good (Fig. 3). Figure 17
highlights the overall lower sensitivity at the L band com-
pared to the higher frequencies; the increase in brightness
temperature is lower (15–25 K), and the maximum at V-pol
is reached for a larger water amount (23 kgm−2). The H-pol

Figure 16. Brightness temperature of a mixed pixel as a function of
lake cover fraction (the remaining area is covered by wet snowpack;
10 cm thick snow with 15 kgm−2 of total water content). The dry
winter brightness temperatures are indicated (triangles) as well as
the thresholds of melt detection (dotted horizontal lines). Note that
the H-pol thresholds are very close at both frequencies, with the
lines almost overlapping.

reaches its maximum around 6.5 kgm−2, which is 10 times
the amount observed for the higher frequencies. This weaker
sensitivity explains why lower thresholds have been used for
the detection of melt with SMOS, as well as why a slightly
adapted algorithm has been used (Leduc-Leballeur et al.,
2020). This lower threshold does not imply larger detection
errors because the brightness temperature during the dry pe-
riods is very stable throughout the year at the L band (Macel-
loni et al., 2016; Leduc-Leballeur et al., 2020). Hence even a
change of ≈ 10 K is significantly larger than the noise level
and the temperature-induced variations of brightness temper-
ature.
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Figure 17. Brightness temperature at Roi Baudouin as a function of
the total liquid water content in the top 30 cm of the snowpack at
the L band at V-pol (solid) and H-pol (dashed) (a). The simulated
dry brightness temperatures are marked by the triangles. Distribu-
tion of observed brightness temperature when the surface is melting
according to Jakobs et al. (2020) (b).

According to the very low values of ice absorption at the
L band (Mätzler, 1996; Macelloni et al., 2016, 2019), a wet
snow layer could contribute to the radiation emanating from
the snowpack up to depths of hundreds of meters. This is
in apparent contradiction with the results in Fig. 18 showing
the brightness temperature at the L band with a 30 cm thick
wet snow layer (total water content of 14 kgm−2) at increas-
ing depths (Experiment 3). The brightness temperature de-
creases within a few meters and reaches an asymptotic value.
This value is relatively close to the dry brightness tempera-
ture (211 versus 207 K), making the melt detection difficult
unless a very low threshold is used. This rapidly vanishing
wet signature is due to the fact that the firn at the L band
at depth is only weakly scattering so that both the wet snow
layer and the firn at depth behave as a black body at a similar
temperature; i.e., they emit the similar radiation flux. In the
case where the firn temperature is significantly lower than
273 K (cold site), the asymptotic value may be higher than
the winter (cold) brightness temperature and the detection at
greater depths may be easier.

Figure 18 also shows a rapid increase in brightness tem-
perature at H-pol between the top wet surface (213 K), as in
Experiment 1, and just below the surface (235 K) (i.e., cov-
ered by a dry snow layer). The impedance matching is the
cause (i.e., the reflectivity of the surface is lower when cov-
ered by dry light snow), and the consequence is that wet snow
may be easier to detect when slightly buried than when right
at the surface.

Figure 18. Brightness temperature at Roi Baudouin as a function of
the depth of the 30 cm thick wet snow layer at the L band at V-pol
(solid) and H-pol (dashed). The simulated dry brightness tempera-
tures are marked by the triangles.

Overall, the detection of liquid water at the L band is more
difficult than for higher frequencies but possible at greater
depths.

5 Discussion and conclusions

From the perspective of the algorithm developers and the
users of melt products, three important knowledge gaps can
be addressed with our results and analyses.

The minimum liquid water content required for microwave
radiometry to detect the presence of meltwater is generally
small compared to the melt amount produced over a typical
summer day in Antarctic coastal areas (Jakobs et al., 2020).
Even a small melt event is likely to be detected, especially
with AMSR-E or AMSR2 which have an overpass time of
near local noon (Picard and Fily, 2006). In contrast, the de-
tection at the L band requires more water over a greater depth
of snow. This result is confirmed in the observations (Leduc-
Leballeur et al., 2020) but is subject to caution, because our
simulations of the dry snowpack are not very accurate for the
L band, due to a poor representation of large scatterers in the
snowpack (probably ice pipes).

For a fine analysis of the melt products, estimation of a
precise minimum liquid water content for detection might
be necessary. Unfortunately, this threshold depends on many
variables: the algorithm parameters (e.g., the brightness tem-
perature threshold), the wave frequency and polarization, the
preexisting snowpack properties (density and grain size near
the surface), and more importantly the spatial distribution of
liquid water within the sensor field of view (melt heterogene-
ity). Some of these variables are known a priori (e.g., sen-
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sor configuration), and their effect can be simulated by our
modeling framework, but some others are subject to high
uncertainties, resulting in uncertain minimum liquid water
content values. To evaluate firn models against microwave-
derived melt products, the usual current practice is to as-
sume a fixed minimum water content (Fettweis et al., 2011;
Kuipers Munneke et al., 2012). Instead, we suggest the ex-
ploration of a range of minimum water content between,
e.g., 0.2 and 1 kgm−2 to test the significance of the results.
For instance, a model showing a systematic positive bias for
a large range of minimum water contents is clearly posi-
tively biased. On the other hand, a bias with changing sign
when the minimum water content is varied would indicate
that the model is not biased and is as good (or uncertain) as
the melt product. For the algorithm developers, we suggest
providing outputs with varying parameters, as for instance
in Banwell et al. (2021), where the brightness temperature
threshold used to detect melt was varied in a reasonable range
(i.e., from 2.5 to 3.5× the standard deviation of the winter
brightness temperature) to give a rough uncertainty estima-
tions for the annual number of melting days.

The maximum snow depth for liquid water detection is
another important parameter to enable the accurate use of
microwave radiometer melt products. For instance to com-
pute the “total” liquid water in a firn model, outputs must
be evaluated from the surface to this depth. The main factor
controlling this depth is the frequency, with variations from
0.1–0.2 m at 37 GHz to about 10 m at 1.4 GHz. Taking advan-
tage of this large depth range to provide rich information on
surface refreezing and percolation is an important research
avenue (Leduc-Leballeur et al., 2020; Miller et al., 2020;
Colliander et al., 2022). The preexisting snowpack proper-
ties (density, grain size and ice layers) are a secondary factor
modulating this maximum depth, and since all these prop-
erties evolve rapidly in wet conditions, the depth is subject
to seasonal variations. We have shown that the retrieval of
these three snow properties is feasible before and after the
melt season, but the wet snowpack remains opaque during
the melt season, forbidding the retrieval of any information
under the wet layer. Additionally, as a general rule, the maxi-
mum depth of detection decreases slightly over the course of
a melt season due to grain coarsening, densification and ice
layer formation that occur in wet conditions.

The two regimes of variations in the brightness tempera-
ture result in non-monotonic variations as a function of liquid
water content. This could be an issue for melt detection as
very wet snow has a low brightness temperature (especially
at H-pol), potentially below the melt detection threshold. Our
results show that the required amount of water concentrated
in the upper layer is large and is not typical of the Antarctic
environment at the present time. While the H-pol is often fa-
vored over the V-pol for melt detection (Zwally and Fiegles,
1994; Tedesco et al., 2006; Torinesi et al., 2003b), future al-
gorithms could assess the benefit of using V-pol brightness
temperature to mitigate this problem versus the disadvantage

of the lower V-pol contrast between dry and wet conditions.
Finally, in the reflective regime, for liquid water contents
higher than 2–5 kgm−2, the H- and V-pol signals can be used
to retrieve liquid water content (Naderpour and Schwank,
2018; Houtz et al., 2021), but we have shown that appro-
priate prior knowledge of the surface density and absence of
water at depth are essential.

Geographically, our study relies on specific sites in
Antarctica’s coastal areas, mainly ice shelves. However, most
results show relatively small inter-site variations, which leads
us to conclude that the benefit of this study is more general
and contributes to the knowledge of the Antarctic Ice Sheet
at large. Applicability to the accumulation area of the Green-
land Ice Sheet (where the glacial ice is far below the mi-
crowave penetration depth) and where the number of melting
days is similar is probably acceptable. In addition, despite us-
ing AMSR2 and SMOS observations, our results also apply
to any radiometric sensor operating at frequencies of 1.4–
37 GHz and with incidence angles of 50–60◦. This includes
for instance SMMR (Scanning Multi-channel Microwave
Radiometer), SMAP, SSM/I (Special Sensor Microwave/Im-
ager), SSMIS (Special Sensor Microwave Imager/Sounder)
and CIMR.

This work has provided the basis for developing new ad-
vanced melt detection algorithms, a logical future avenue of
research. However, we stress that fundamental knowledge is
still missing regarding the wet snow permittivity, the small-
scale liquid water variability and the snowpack properties
in the coastal Antarctic environment, particularly on the ice
shelves. Future work should focus on filling these gaps given
the growing importance of the ice sheet hydrology as the cli-
mate warms.

Code and data availability. The SMRT model code, including
the new permittivity formulations, is available from https://
github.com/smrt-model/smrt (last access: 8 November 2022) and
https://doi.org/10.5281/zenodo.7086080 (Picard et al., 2022c). The
code to produce the figures is available from https://github.
com/smrt-model/smrt_liquid_water_paper (last access: 8 Novem-
ber 2022) and https://doi.org/10.5281/zenodo.7302799 (Picard,
2022). This repository also includes the retrieved snowpack prop-
erties and the observed and simulated brightness temperatures at
the select study sites.

The following auxiliary datasets were used and are avail-
able. The AMSR-E/AMSR2 Unified Level-3 Daily Brightness
Temperature product, version 2, is available at https://doi.org/10.
5067/RA1MIJOYPK3P (Meier et al., 2018). The SMOS Level
3 brightness temperature product (Al Bitar et al., 2017) was
downloaded from the Centre Aval de Traitement des Données
SMOS at https://data.catds.fr/cpdc/Common_products/GRIDDED/
L3/RE07/MIR_CDF3TS/ (last access: 14 March 2022). The
Bedmap2 ice thickness (Fretwell et al., 2013) product is avail-
able at https://secure.antarctica.ac.uk/data/bedmap2 (last access: 25
November 2022). The passive microwave melt product is avail-
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able at https://snow.univ-grenoble-alpes.fr/melting/ (last access: 25
November 2022) (Picard and Fily, 2006).

Author contributions. GP conducted the study, implemented the
permittivity equations in SMRT and ran the simulations. MLL, GM,
AFB and LB contributed to and/or commented on the analysis and
the results. All authors contributed to writing the manuscript.

Competing interests. At least one of the (co-)authors is a member
of the editorial board of The Cryosphere. The peer-review process
was guided by an independent editor, and the authors also have no
other competing interests to declare.

Disclaimer. Publisher’s note: Copernicus Publications remains
neutral with regard to jurisdictional claims in published maps and
institutional affiliations.

Acknowledgements. SMRT was developed in the ESA project “Mi-
crostructural Origin of Electromagnetic Signatures in Microwave
Remote Sensing of Snow” (no. 4000112698/14/NL/LvH). We thank
Carlo Marin for debugging the H86 permittivity formulation in
SMRT. The scientific results and conclusions, as well as any views
or opinions expressed herein, are those of the authors and do not
necessarily reflect those of NOAA or the U.S. Department of Com-
merce.

Financial support. This research has been supported by the Eu-
ropean Space Agency (grant no. 4000112698/14/NL/LvH) and
project “4D Antarctica” (no. ESA/AO/1-9570/18/I-DT). Alison F.
Banwell received support from the US National Science Foundation
(NSF) to the University of Colorado Boulder (award no. 1841607).

Review statement. This paper was edited by John Yackel and re-
viewed by Angelika Humbert and two anonymous referees.

References

Abdalati, W. and Steffen, K.: Snowmelt on the Greenland Ice Sheet
as Derived from Passive Microwave Satellite Data, J. Climate,
10, 165–175, 1997.

Agosta, C., Amory, C., Kittel, C., Orsi, A., Favier, V., Gallée, H.,
van den Broeke, M. R., Lenaerts, J. T. M., van Wessem, J. M., van
de Berg, W. J., and Fettweis, X.: Estimation of the Antarctic sur-
face mass balance using the regional climate model MAR (1979–
2015) and identification of dominant processes, The Cryosphere,
13, 281–296, https://doi.org/10.5194/tc-13-281-2019, 2019.

Al Bitar, A., Mialon, A., Kerr, Y. H., Cabot, F., Richaume, P.,
Jacquette, E., Quesney, A., Mahmoodi, A., Tarot, S., Par-
rens, M., Al-Yaari, A., Pellarin, T., Rodriguez-Fernandez, N.,
and Wigneron, J.-P.: The global SMOS Level 3 daily soil
moisture and brightness temperature maps, Earth Syst. Sci.

Data, 9, 293–315, https://doi.org/10.5194/essd-9-293-2017,
2017 (data available at: https://data.catds.fr/cpdc/Common_
products/GRIDDED/L3/RE07/MIR_CDF3TS/, last access:
14 March 2022).

Arthur, J. F., Stokes, C. R., Jamieson, S. S. R., Carr, J. R., and Lee-
son, A. A.: Distribution and seasonal evolution of supraglacial
lakes on Shackleton Ice Shelf, East Antarctica, The Cryosphere,
14, 4103–4120, https://doi.org/10.5194/tc-14-4103-2020, 2020.

Arthur, J. F., Stokes, C. R., Jamieson, S. S. R., Carr, J. R., Lee-
son, A. A., and Verjans, V.: Large interannual variability in
supraglacial lakes around East Antarctica, Nat. Commun., 13,
1711, https://doi.org/10.1038/s41467-022-29385-3, 2022.

Banwell, A. F., MacAyeal, D. R., and Sergienko, O. V.: Breakup
of the Larsen B Ice Shelf triggered by chain reaction drainage
of supraglacial lakes, Geophys. Res. Lett., 40, 5872–5876,
https://doi.org/10.1002/2013gl057694, 2013.

Banwell, A. F., Caballero, M., Arnold, N. S., Glasser, N. F., Cath-
les, L. M., and MacAyeal, D. R.: Supraglacial lakes on the
Larsen B ice shelf, Antarctica, and at Paakitsoq, West Green-
land: a comparative study, Annals of Glaciology, 55, 1–8,
https://doi.org/10.3189/2014aog66a049, 2014.

Banwell, A. F., Datta, R. T., Dell, R. L., Moussavi, M., Brucker,
L., Picard, G., Shuman, C. A., and Stevens, L. A.: The 32-year
record-high surface melt in 2019/2020 on the northern George
VI Ice Shelf, Antarctic Peninsula, The Cryosphere, 15, 909–925,
https://doi.org/10.5194/tc-15-909-2021, 2021.

Bell, R. E., Chu, W., Kingslake, J., Das, I., Tedesco, M.,
Tinto, K. J., Zappa, C. J., Frezzotti, M., Boghosian, A., and
Lee, W. S.: Antarctic ice shelf potentially stabilized by ex-
port of meltwater in surface river, Nature, 544, 344–348,
https://doi.org/10.1038/nature22048, 2017.

Bell, R. E., Banwell, A. F., Trusel, L. D., and Kingslake,
J.: Antarctic surface hydrology and impacts on ice-
sheet mass balance, Nat. Clim. Change, 8, 1044–1052,
https://doi.org/10.1038/s41558-018-0326-3, 2018.

Beven, K. and Binley, A.: The future of distributed models: Model
calibration and uncertainty prediction, Hydrol. Process., 6, 279–
298, https://doi.org/10.1002/hyp.3360060305, 1992.

Box, J. E., Wehrlé, A., van As, D., Fausto, R. S., Kjeldsen, K. K.,
Dachauer, A., Ahlstrøm, A. P., and Picard, G.: Greenland Ice
Sheet Rainfall, Heat and Albedo Feedback Impacts From the
Mid-August 2021 Atmospheric River, Geophys. Res. Lett., 49,
e2021GL097356, https://doi.org/10.1029/2021gl097356, 2022.

Brogioni, M., Pettinato, S., Macelloni, G., Paloscia, S., Pam-
paloni, P., Pierdicca, N., and Ticconi, F.: Sensitivity of
bistatic scattering to soil moisture and surface rough-
ness of bare soils, Int. J. Remote Sens., 31, 4227–4255,
https://doi.org/10.1080/01431160903232808, 2010.

Brucker, L., Picard, G., and Fily, M.: Snow grain
size profiles deduced from microwave snow emis-
sivities in Antarctica, J. Glaciol., 56, 514–526,
https://doi.org/10.3189/002214310792447806, 2010.

Burr, A., Lhuissier, P., Martin, C. L., and Philip, A.: In situ
X-ray tomography densification of firn: The role of me-
chanics and diffusion processes, Acta Mater., 167, 210–220,
https://doi.org/10.1016/j.actamat.2019.01.053, 2019.

Chopra, K. L. and Reddy, G. B.: Optically selective coatings, Pra-
mana, 27, 193–217, https://doi.org/10.1007/bf02846338, 1986.

https://doi.org/10.5194/tc-16-5061-2022 The Cryosphere, 16, 5061–5083, 2022

https://snow.univ-grenoble-alpes.fr/melting/
https://doi.org/10.5194/tc-13-281-2019
https://doi.org/10.5194/essd-9-293-2017
https://data.catds.fr/cpdc/Common_products/GRIDDED/L3/RE07/MIR_CDF3TS/
https://data.catds.fr/cpdc/Common_products/GRIDDED/L3/RE07/MIR_CDF3TS/
https://doi.org/10.5194/tc-14-4103-2020
https://doi.org/10.1038/s41467-022-29385-3
https://doi.org/10.1002/2013gl057694
https://doi.org/10.3189/2014aog66a049
https://doi.org/10.5194/tc-15-909-2021
https://doi.org/10.1038/nature22048
https://doi.org/10.1038/s41558-018-0326-3
https://doi.org/10.1002/hyp.3360060305
https://doi.org/10.1029/2021gl097356
https://doi.org/10.1080/01431160903232808
https://doi.org/10.3189/002214310792447806
https://doi.org/10.1016/j.actamat.2019.01.053
https://doi.org/10.1007/bf02846338


5080 G. Picard et al.: Sensitivity of microwave observations to liquid water

Colbeck, S. C.: Liquid distribution and the dielectric constant of
wet snow, in: Goddard Space Flight Center Microwave Remote
Sensing of Snowpack Properties, pp. 21–40, 1980.

Colbeck, S. C.: An Overview of Seasonal Snow
Metamorphism, Rev. Geophys., 20, 45–61,
https://doi.org/10.1029/RG020i001p00045, 1982.

Colliander, A., Mousavi, M., Marshall, S., Samimi, S., Kimball,
J. S., Miller, J. Z., Johnson, J., and Burgin, M.: Ice Sheet Sur-
face and Subsurface Melt Water Discrimination Using Multi-
Frequency Microwave Radiometry, Geophys. Res. Lett., 49,
e2021GL096599, https://doi.org/10.1029/2021gl096599, 2022.

Colosio, P., Tedesco, M., Ranzi, R., and Fettweis, X.: Surface melt-
ing over the Greenland ice sheet derived from enhanced reso-
lution passive microwave brightness temperatures (1979–2019),
The Cryosphere, 15, 2623–2646, https://doi.org/10.5194/tc-15-
2623-2021, 2021.

Comiso, J., Cavalieri, D., and Markus, T.: Sea ice con-
centration, ice temperature, and snow depth using
AMSR-E data, IEEE T. Geosci. Remote, 41, 243–252,
https://doi.org/10.1109/tgrs.2002.808317, 2003.

Cook, A. J., Fox, A. J., Vaughan, D. G., and Ferrigno, J. G.: Re-
treating glacier fronts on the Antarctic Peninsula over the past
half-century, Science, 308, 541–544, 2005.

Dell, R., Arnold, N., Willis, I., Banwell, A., Williamson, A.,
Pritchard, H., and Orr, A.: Lateral meltwater transfer across
an Antarctic ice shelf, The Cryosphere, 14, 2313–2330,
https://doi.org/10.5194/tc-14-2313-2020, 2020.

Dell, R. L., Banwell, A. F., Willis, I. C., Arnold, N. S., Hal-
berstadt, A. R. W., Chudley, T. R., and Pritchard, H. D.: Su-
pervised classification of slush and ponded water on Antarctic
ice shelves using Landsat 8 imagery, J. Glaciol., 68, 401–414,
https://doi.org/10.1017/jog.2021.114, 2021.

Entekhabi, D., Njoku, E. G., O’Neill, P. E., Kellogg, K. H.,
Crow, W. T., Edelstein, W. N., Entin, J. K., Goodman, S. D.,
Jackson, T. J., Johnson, J., Kimball, J., Piepmeier, J. R.,
Koster, R. D., Martin, N., McDonald, K. C., Moghaddam, M.,
Moran, S., Reichle, R., Shi, J. C., Spencer, M. W., Thur-
man, S. W., Tsang, L., and Zyl, J. V.: The Soil Moisture
Active Passive (SMAP) Mission, Proc. IEEE, 98, 704–716,
https://doi.org/10.1109/jproc.2010.2043918, 2010.

Fettweis, X., Tedesco, M., van den Broeke, M., and Ettema, J.:
Melting trends over the Greenland ice sheet (1958–2009) from
spaceborne microwave data and regional climate models, The
Cryosphere, 5, 359–375, https://doi.org/10.5194/tc-5-359-2011,
2011.

Fretwell, P., Pritchard, H. D., Vaughan, D. G., Bamber, J. L., Bar-
rand, N. E., Bell, R., Bianchi, C., Bingham, R. G., Blanken-
ship, D. D., Casassa, G., Catania, G., Callens, D., Conway, H.,
Cook, A. J., Corr, H. F. J., Damaske, D., Damm, V., Ferracci-
oli, F., Forsberg, R., Fujita, S., Gim, Y., Gogineni, P., Griggs,
J. A., Hindmarsh, R. C. A., Holmlund, P., Holt, J. W., Jacobel,
R. W., Jenkins, A., Jokat, W., Jordan, T., King, E. C., Kohler,
J., Krabill, W., Riger-Kusk, M., Langley, K. A., Leitchenkov,
G., Leuschen, C., Luyendyk, B. P., Matsuoka, K., Mouginot,
J., Nitsche, F. O., Nogi, Y., Nost, O. A., Popov, S. V., Rignot,
E., Rippin, D. M., Rivera, A., Roberts, J., Ross, N., Siegert,
M. J., Smith, A. M., Steinhage, D., Studinger, M., Sun, B.,
Tinto, B. K., Welch, B. C., Wilson, D., Young, D. A., Xiang-
bin, C., and Zirizzotti, A.: Bedmap2: improved ice bed, surface

and thickness datasets for Antarctica, The Cryosphere, 7, 375–
393, https://doi.org/10.5194/tc-7-375-2013, 2013 (data available
at: https://secure.antarctica.ac.uk/data/bedmap2, last access: 25
November 2022).

Gelman, A. and Rubin, D. B.: Inference from Iterative Sim-
ulation Using Multiple Sequences, Stat. Sci., 7, 457–472,
https://doi.org/10.1214/ss/1177011136, 1992.

Hallikainen, M., Ulaby, F., and Abdelrazik, M.: Dielectric proper-
ties of snow in the 3 to 37 GHz range, IEEE T. Antenn. Propag.,
34, 1329–1340, https://doi.org/10.1109/tap.1986.1143757, 1986.

Hersbach, H., Bell, B., Berrisford, P., Hirahara, S., Horányi, A.,
Muñoz-Sabater, J., Nicolas, J., Peubey, C., Radu, R., Schep-
ers, D., Simmons, A., Soci, C., Abdalla, S., Abellan, X., Bal-
samo, G., Bechtold, P., Biavati, G., Bidlot, J., Bonavita, M.,
Chiara, G., Dahlgren, P., Dee, D., Diamantakis, M., Dragani, R.,
Flemming, J., Forbes, R., Fuentes, M., Geer, A., Haimberger,
L., Healy, S., Hogan, R. J., Hólm, E., Janisková, M., Keeley,
S., Laloyaux, P., Lopez, P., Lupu, C., Radnoti, G., Rosnay, P.,
Rozum, I., Vamborg, F., Villaume, S., and Thépaut, J.-N.: The
ERA5 global reanalysis, Q. J. Roy. Meteor. Soc., 146, 1999–
2049, https://doi.org/10.1002/qj.3803, 2020.

Houtz, D., Mätzler, C., Naderpour, R., Schwank, M., and Steffen,
K.: Quantifying Surface Melt and Liquid Water on the Greenland
Ice Sheet using L-band Radiometry, Remote Sens. Environ., 256,
112341, https://doi.org/10.1016/j.rse.2021.112341, 2021.

Jakobs, C. L., Reijmer, C. H., Smeets, C. J. P. P., Trusel,
L. D., van de Berg, W. J., van den Broeke, M. R., and van
Wessem, J. M.: A benchmark dataset of in situ Antarctic sur-
face melt rates and energy balance, J. Glaciol., 66, 291–302,
https://doi.org/10.1017/jog.2020.6, 2020.

Jezek, K. C., Johnson, J. T., Tan, S., Tsang, L., Andrews,
M. J., Brogioni, M., Macelloni, G., Durand, M., Chen,
C.-C., Belgiovane, D. J., Duan, Y., Yardim, C., Li, H.,
Bringer, A., Leuski, V., and Aksoy, M.: 500–2000-MHz
Brightness Temperature Spectra of the Northwestern Green-
land Ice Sheet, IEEE T. Geosci. Remote, 56, 1485–1496,
https://doi.org/10.1109/tgrs.2017.2764381, 2018.

Johnson, A., Fahnestock, M., and Hock, R.: Evaluation of passive
microwave melt detection methods on Antarctic Peninsula ice
shelves using time series of Sentinel-1 SAR, Remote Sens. En-
viron., 250, 112044, https://doi.org/10.1016/j.rse.2020.112044,
2020.

Johnson, A., Hock, R., and Fahnestock, M.: Spatial variability and
regional trends of Antarctic ice shelf surface melt duration over
1979–2020 derived from passive microwave data, J. Glaciol., 68,
533–546, https://doi.org/10.1017/jog.2021.112, 2021.

Kasahara, M., Kachi, M., Inaoka, K., Fujii, H., Kubota, T., Shimada,
R., and Kojima, Y.: Overview and current status of GOSAT-GW
mission and AMSR3 instrument, in: Sensors, Systems, and Next-
Generation Satellites XXIV, edited by: Neeck, S. P., Kimura,
T., and Hélière, A., SPIE, https://doi.org/10.1117/12.2573914,
2020.

Kern, M., Cullen, R., Berruti, B., Bouffard, J., Casal, T., Drinkwa-
ter, M. R., Gabriele, A., Lecuyot, A., Ludwig, M., Midthassel,
R., Navas Traver, I., Parrinello, T., Ressler, G., Andersson, E.,
Martin-Puig, C., Andersen, O., Bartsch, A., Farrell, S., Fleury,
S., Gascoin, S., Guillot, A., Humbert, A., Rinne, E., Shepherd,
A., van den Broeke, M. R., and Yackel, J.: The Copernicus
Polar Ice and Snow Topography Altimeter (CRISTAL) high-

The Cryosphere, 16, 5061–5083, 2022 https://doi.org/10.5194/tc-16-5061-2022

https://doi.org/10.1029/RG020i001p00045
https://doi.org/10.1029/2021gl096599
https://doi.org/10.5194/tc-15-2623-2021
https://doi.org/10.5194/tc-15-2623-2021
https://doi.org/10.1109/tgrs.2002.808317
https://doi.org/10.5194/tc-14-2313-2020
https://doi.org/10.1017/jog.2021.114
https://doi.org/10.1109/jproc.2010.2043918
https://doi.org/10.5194/tc-5-359-2011
https://doi.org/10.5194/tc-7-375-2013
https://secure.antarctica.ac.uk/data/bedmap2
https://doi.org/10.1214/ss/1177011136
https://doi.org/10.1109/tap.1986.1143757
https://doi.org/10.1002/qj.3803
https://doi.org/10.1016/j.rse.2021.112341
https://doi.org/10.1017/jog.2020.6
https://doi.org/10.1109/tgrs.2017.2764381
https://doi.org/10.1016/j.rse.2020.112044
https://doi.org/10.1017/jog.2021.112
https://doi.org/10.1117/12.2573914


G. Picard et al.: Sensitivity of microwave observations to liquid water 5081

priority candidate mission, The Cryosphere, 14, 2235–2251,
https://doi.org/10.5194/tc-14-2235-2020, 2020.

Kerr, Y., Waldteufel, P., Wigneron, J.-P., Martinuzzi, J., Font, J., and
Berger, M.: Soil moisture retrieval from space: the Soil Moisture
and Ocean Salinity (SMOS) mission, IEEE T. Geosci. Remote,
39, 1729–1735, https://doi.org/10.1109/36.942551, 2001.

Kerr, Y. H., Waldteufel, P., Wigneron, J.-P., Delwart, S., Cabot, F.,
Boutin, J., Escorihuela, M.-J., Font, J., Reul, N., Gruhier, C., Ju-
glea, S. E., Drinkwater, M. R., Hahne, A., Martín-Neira, M., and
Mecklenburg, S.: The SMOS Mission: New Tool for Monitoring
Key Elements ofthe Global Water Cycle, Proc. IEEE, 98, 666–
687, https://doi.org/10.1109/jproc.2010.2043032, 2010.

King, J. C., Kirchgaessner, A., Bevan, S., Elvidge, A. D., Munneke,
P. K., Luckman, A., Orr, A., Renfrew, I. A., and van den Broeke,
M. R.: The Impact of Föhn Winds on Surface Energy Bal-
ance During the 2010–2011 Melt Season Over Larsen C Ice
Shelf, Antarctica, J. Geophys. Res.-Atmos., 122, 12,062–12,076,
https://doi.org/10.1002/2017jd026809, 2017.

Kuipers Munneke, P., Picard, G., van den Broeke, M. R., Lenaerts,
J. T. M., and van Meijgaard, E.: Insignificant change in Antarc-
tic snowmelt volume since 1979, Geophys. Res. Lett., 39, 5,
https://doi.org/10.1029/2011GL050207, 2012.

Kumar, R., Carroll, C., Hartikainen, A., and Martin, O.: ArviZ
a unified library for exploratory analysis of Bayesian
models in Python, J. Open Source Softw., 4, 1143,
https://doi.org/10.21105/joss.01143, 2019.

Kunz, L. and Long, D.: Melt Detection in Antarctic
Ice Shelves Using Scatterometers and Microwave Ra-
diometers, IEEE T. Geosci. Remote, 44, 2461–2469,
https://doi.org/10.1109/tgrs.2006.874138, 2006.

Laloy, E. and Vrugt, J. A.: High-dimensional posterior explo-
ration of hydrologic models using multiple-try DREAM(ZS) and
high-performance computing, Water Resour. Res., 48, W01526,
https://doi.org/10.1029/2011wr010608, 2012.

Leduc-Leballeur, M., Picard, G., Macelloni, G., Mialon, A., and
Kerr, Y. H.: Melt in Antarctica derived from Soil Moisture and
Ocean Salinity (SMOS) observations at L band, The Cryosphere,
14, 539–548, https://doi.org/10.5194/tc-14-539-2020, 2020.

Leeson, A. A., Forster, E., Rice, A., Gourmelen, N., and Wessem,
J. M.: Evolution of Supraglacial Lakes on the Larsen B Ice Shelf
in the Decades Before it Collapsed, Geophys. Res. Lett., 47,
e2019GL085591, https://doi.org/10.1029/2019gl085591, 2020.

Lenaerts, J. T. M., Lhermitte, S., Drews, R., Ligtenberg, S. R. M.,
Berger, S., Helm, V., Smeets, C. J. P. P., van den Broeke, M. R.,
van de Berg, W. J., van Meijgaard, E., Eijkelboom, M., Eisen, O.,
and Pattyn, F.: Meltwater produced by wind–albedo interaction
stored in an East Antarctic ice shelf, Nat. Clim. Change, 7, 58–
62, https://doi.org/10.1038/nclimate3180, 2016.

Liu, H., Wang, L., and Jezek, K. C.: Spatiotemporal variations of
snowmelt in Antarctica derived from satellite scanning multi-
channel microwave radiometer and Special Sensor Microwave
Imager data (1978–2004), J. Geophys. Res., 111, F01003,
https://doi.org/10.1029/2005JF000318, 2006.

Luckman, A., Elvidge, A., Jansen, D., Kulessa, B., Munneke, P. K.,
King, J., and Barrand, N. E.: Surface melt and ponding on Larsen
C Ice Shelf and the impact of föhn winds, Antarct. Sci., 26, 625–
635, https://doi.org/10.1017/s0954102014000339, 2014.

Macelloni, G., Leduc-Leballeur, M., Brogioni, M., Ritz, C., and Pi-
card, G.: Analyzing and modeling the SMOS spatial variations

in the East Antarctic Plateau, Remote Sens. Environ., 180, 193–
204, https://doi.org/10.1016/j.rse.2016.02.037, 2016.

Macelloni, G., Leduc-Leballeur, M., Montomoli, F., Bro-
gioni, M., Ritz, C., and Picard, G.: On the retrieval of
internal temperature of Antarctica Ice Sheet by using
SMOS observations, Remote Sens. Environ., 233, 111405,
https://doi.org/10.1016/j.rse.2019.111405, 2019.

Martin, O.: Bayesian modeling and computation in Python, A Chap-
man & Hall Book, CRC Press, Boca Raton, FL, 2022.

Mätzler, C.: Applications of the interaction of microwaves with the
natural snow cover, Remote Sens. Rev., 2, 259–387, 1987.

Mätzler, C.: Microwave permittivity of dry snow, Geoscience and
Remote Sensing, IEEE Transactions on, 34, 573–581, 1996.

Mätzler, C. and Wiesmann, A.: Documentation for MEMLS, Ver-
sion 3, Tech. rep., University of Bern, Research report, 2007.

Mätzler, C., Rosenkranz, P. W., Battaglia, A., and Wigneron, J. P.:
Thermal microwave radiation – applications for remote sensing,
no. 52 in IET, Electromagnetic Waves, London, UK, 2006.

Meier, W. N., Markus, T., and Comiso, J. C.: AMSR-E/AMSR2
Unified L3 Daily 12.5 km Brightness Temperatures, Sea Ice
Concentration, Motion & Snow Depth Polar Grids, Version
1, NASA National Snow and Ice Data Center Distributed
Active Archive Center, Boulder, Colorado USA [data set],
https://doi.org/10.5067/RA1MIJOYPK3P, 2018.

Miller, J. Z., Long, D. G., Jezek, K. C., Johnson, J. T., Brodzik,
M. J., Shuman, C. A., Koenig, L. S., and Scambos, T.
A.: Brief communication: Mapping Greenland’s perennial firn
aquifers using enhanced-resolution L-band brightness temper-
ature image time series, The Cryosphere, 14, 2809–2817,
https://doi.org/10.5194/tc-14-2809-2020, 2020.

Montgomery, L., Miège, C., Miller, J., Scambos, T. A., Wallin,
B., Miller, O., Solomon, D. K., Forster, R., and Koenig, L.:
Hydrologic Properties of a Highly Permeable Firn Aquifer in
the Wilkins Ice Shelf, Antarctica, Geophys. Res. Lett., 47,
e2020GL089552, https://doi.org/10.1029/2020gl089552, 2020.

Montpetit, B., Royer, A., Roy, A., Langlois, A., and Derksen,
C.: Snow Microwave Emission Modeling of Ice Lenses Within
a Snowpack Using the Microwave Emission Model for Lay-
ered Snowpacks, IEEE T. Geosci. Remote, 51, 4705–4717,
https://doi.org/10.1109/tgrs.2013.2250509, 2013.

Mote, T. L. and Anderson, M. R.: Variations in snowpack melt on
the Greenland ice sheet based on passive-microwave measure-
ments, J. Glaciol., 41, 51–60, 1995.

Mousavi, S., Colliander, A., Miller, J. Z., and Kimball,
J. S.: Antarctica Ice Sheet Melt Detection Using a
Machine Learning Algorithm Based on SMAP Mi-
crowave Radiometery, in: 2021 IEEE International Geo-
science and Remote Sensing Symposium IGARSS, IEEE,
https://doi.org/10.1109/igarss47720.2021.9553812, 2021.

Munneke, P. K., Ligtenberg, S. R., Broeke, M. R. V. D.,
and Vaughan, D. G.: Firn air depletion as a precursor
of Antarctic ice-shelf collapse, J. Glaciol., 60, 205–214,
https://doi.org/10.3189/2014jog13j183, 2014.

Munneke, P. K., Luckman, A. J., Bevan, S. L., Smeets, C.
J. P. P., Gilbert, E., van den Broeke, M. R., Wang, W.,
Zender, C., Hubbard, B., Ashmore, D., Orr, A., King,
J. C., and Kulessa, B.: Intense Winter Surface Melt on an
Antarctic Ice Shelf, Geophys. Res. Lett., 45, 7615–7623,
https://doi.org/10.1029/2018gl077899, 2018.

https://doi.org/10.5194/tc-16-5061-2022 The Cryosphere, 16, 5061–5083, 2022

https://doi.org/10.5194/tc-14-2235-2020
https://doi.org/10.1109/36.942551
https://doi.org/10.1109/jproc.2010.2043032
https://doi.org/10.1002/2017jd026809
https://doi.org/10.1029/2011GL050207
https://doi.org/10.21105/joss.01143
https://doi.org/10.1109/tgrs.2006.874138
https://doi.org/10.1029/2011wr010608
https://doi.org/10.5194/tc-14-539-2020
https://doi.org/10.1029/2019gl085591
https://doi.org/10.1038/nclimate3180
https://doi.org/10.1029/2005JF000318
https://doi.org/10.1017/s0954102014000339
https://doi.org/10.1016/j.rse.2016.02.037
https://doi.org/10.1016/j.rse.2019.111405
https://doi.org/10.5067/RA1MIJOYPK3P
https://doi.org/10.5194/tc-14-2809-2020
https://doi.org/10.1029/2020gl089552
https://doi.org/10.1109/tgrs.2013.2250509
https://doi.org/10.1109/igarss47720.2021.9553812
https://doi.org/10.3189/2014jog13j183
https://doi.org/10.1029/2018gl077899


5082 G. Picard et al.: Sensitivity of microwave observations to liquid water

Naderpour, R. and Schwank, M.: Snow Wetness Retrieved
from L-Band Radiometry, Remote Sensing, 10, 359,
https://doi.org/10.3390/rs10030359, 2018.

Naderpour, R., Schwank, M., and Mätzler, C.: Davos-Laret Remote
Sensing Field Laboratory: 2016/2017 Winter Season L-Band
Measurements Data-Processing and Analysis, Remote Sens., 9,
1185, https://doi.org/10.3390/rs9111185, 2017.

Picard, G.: smrt-model/smrt_liquid_water_paper: Initial release,
Zenodo [code], https://doi.org/10.5281/zenodo.7302799, 2022.

Picard, G. and Fily, M.: Surface melting observations in Antarctica
by microwave radiometers: Correcting 26-year time series from
changes in acquisition hours, Remote Sens. Environ., 104, 325–
336, https://doi.org/10.1016/j.rse.2006.05.010, 2006 (data avail-
able at: https://snow.univ-grenoble-alpes.fr/melting/, last access:
25 November 2022).

Picard, G., Fily, M., and Gallee, H.: Surface melt-
ing derived from microwave radiometers: a climatic
indicator in Antarctica, Ann. Glaciol., 46, 29–34,
https://doi.org/10.3189/172756407782871684, 2007.

Picard, G., Brucker, L., Fily, M., Gallee, H., and Krin-
ner, G.: Modeling timeseries of microwave brightness
temperature in Antarctica, J. Glaciol., 55, 537–551,
https://doi.org/10.3189/002214309788816678, 2009.

Picard, G., Sandells, M., and Löwe, H.: SMRT: an active–
passive microwave radiative transfer model for snow with mul-
tiple microstructure and scattering formulations (v1.0), Geosci.
Model Dev., 11, 2763–2788, https://doi.org/10.5194/gmd-11-
2763-2018, 2018.

Picard, G., Löwe, H., Domine, F., Arnaud, L., Larue, F., Favier,
V., Meur, E. L., Lefebvre, E., Savarino, J., and Royer, A.: The
Microwave Snow Grain Size: A New Concept to Predict Satellite
Observations Over Snow-Covered Regions, AGU Advances, 3,
e2021AV000630, https://doi.org/10.1029/2021av000630, 2022a.

Picard, G., Löwe, H., and Mätzler, C.: Brief communication: A con-
tinuous formulation of microwave scattering from fresh snow to
bubbly ice from first principles, The Cryosphere, 16, 3861–3866,
https://doi.org/10.5194/tc-16-3861-2022, 2022b.

Picard, G., Sandells, M., and Löwe, H.: smrt-model/smrt: v1.1.0,
Zenodo [code], https://doi.org/10.5281/zenodo.7086080, 2022c.

Polder, D. and van Santen, J. H.: The effective permeability of mix-
tures of solids, Physica, 12, 257–271, 1946.

Ridley, J.: Surface melting on Antartic Peninsula ice shelves de-
tected by passive microwave sensors, Geophys. Res. Lett., 20,
2639–2642, 1993.

Robel, A. A. and Banwell, A. F.: A Speed Limit on Ice Shelf Col-
lapse Through Hydrofracture, Geophys. Res. Lett., 46, 12092–
12100, https://doi.org/10.1029/2019gl084397, 2019.

Sandells, M., Lowe, H., Picard, G., Dumont, M., Essery, R.,
Floury, N., Kontu, A., Lemmetyinen, J., Maslanka, W., Morin,
S., Wiesmann, A., and Matzler, C.: X-Ray Tomography-Based
Microstructure Representation in the Snow Microwave Ra-
diative Transfer Model, IEEE T. Geosci. Remote, 60, 1–15,
https://doi.org/10.1109/tgrs.2021.3086412, 2021.

Saunderson, D., Mackintosh, A., McCormack, F., Jones, R. S.,
and Picard, G.: Surface melt on the Shackleton Ice Shelf,
East Antarctica (2003–2021), The Cryosphere, 16, 4553–4569,
https://doi.org/10.5194/tc-16-4553-2022, 2022.

Scambos, T. A.: Glacier acceleration and thinning after ice shelf
collapse in the Larsen B embayment, Antarctica, Geophys. Res.
Lett., 31, L18402, https://doi.org/10.1029/2004GL020670, 2004.

Shi, J. and Dozier, J.: Inferring snow wetness using C-
band data from SIR-C's polarimetric synthetic aper-
ture radar, IEEE T. Geosci. Remote, 33, 905–914,
https://doi.org/10.1109/36.406676, 1995.

Shockley, E. M., Vrugt, J. A., and Lopez, C. F.: Py-
DREAM: high-dimensional parameter inference for bio-
logical models in python, Bioinformatics, 34, 695–697,
https://doi.org/10.1093/bioinformatics/btx626, 2017.

Sihvola, A.: Electromagnetic Mixing Formulas and Ap-
plications, INSTITUTION OF ENGINEERING & T,
http://www.ebook.de/de/product/21470462/a_sihvola_
electromagnetic_mixing_formulas_and_applications.html
(last access: 14 March 2022), 1999.

Sihvola, A., Nyfors, E., and Tiuri, M.: Mixing formulae and experi-
mental results for the dielectric constant of snow, J. Glaciol., 31,
163–170, 1985.

Spergel, J. J., Kingslake, J., Creyts, T., van Wessem, M., and Fricker,
H. A.: Surface meltwater drainage and ponding on Amery Ice
Shelf, East Antarctica, 1973–2019, J. Glaciol., 67, 985–998,
https://doi.org/10.1017/jog.2021.46, 2021.

Surdyk, S.: Using microwave brightness temperature to detect
short-term surface air temperature changes in Antarctica: An an-
alytical approach, Remote Sens. Environ., 80, 256–271, 2002.

Tedesco, M.: Assessment and development of snowmelt retrieval
algorithms over Antarctica from K-band spaceborne brightness
temperature (1979–2008), Remote Sens. Environ., 113, 979–
997, https://doi.org/10.1016/j.rse.2009.01.009, 2009.

Tedesco, M. and Kim, E. J.: Intercomparison of Electromagnetic
Models for Passive Microwave Remote Sensing of Snow, Geo-
science and Remote Sensing, IEEE Transactions on, 44, 2654–
2666, https://doi.org/10.1109/TGRS.2006.873182, 2006.

Tedesco, M., Kim, E. J., England, A. W., de Roo, R. D.,
and Hardy, J. P.: Brightness Temperatures of Snow Melt-
ing/Refreezing Cycles: Observations and Modeling Using a
Multilayer Dense Medium Theory-Based Model, Geoscience
and Remote Sensing, IEEE Transactions on, 44, 3563–3573,
https://doi.org/10.1109/TGRS.2006.881759, 2006.

Tedesco, M., Abdalati, W., and Zwally, H. J.: Persistent
surface snowmelt over Antarctica (1987-2006) from 19.35
GHz brightness temperatures, Geophys. Res. Lett., 34, 6,
https://doi.org/10.1029/2007GL031199, 2007.

ter Braak, C. J. F. and Vrugt, J. A.: Differential Evolution Markov
Chain with snooker updater and fewer chains, Stat. Comput., 18,
435–446, https://doi.org/10.1007/s11222-008-9104-9, 2008.

Tinga, W. R., Voss, W. A. G., and Blossey, D. F.: Generalized ap-
proach to multiphase dielectric mixture theory, J. Appl. Phys.,
44, 3897–3902, https://doi.org/10.1063/1.1662868, 1973.

Tiuri, L. and Schultz, H.: Theoretical and experimental studies of
microwave radiation from a natural snow field, in: In Rango A.
ed. Microwave remote sensing of snowpack properties, Proceed-
ings of a workshop, 225–234, National Aeronautics and Space
Center, Fort Collins, Colorado, 1980.

Torinesi, O., Fily, M., and Genthon, C.: Interannual variability and
trend of the Antarctic summer melting period from 20 years of
spaceborne microwave data, J. Climate, 16, 1047–1060, 2003a.

The Cryosphere, 16, 5061–5083, 2022 https://doi.org/10.5194/tc-16-5061-2022

https://doi.org/10.3390/rs10030359
https://doi.org/10.3390/rs9111185
https://doi.org/10.5281/zenodo.7302799
https://doi.org/10.1016/j.rse.2006.05.010
https://snow.univ-grenoble-alpes.fr/melting/
https://doi.org/10.3189/172756407782871684
https://doi.org/10.3189/002214309788816678
https://doi.org/10.5194/gmd-11-2763-2018
https://doi.org/10.5194/gmd-11-2763-2018
https://doi.org/10.1029/2021av000630
https://doi.org/10.5194/tc-16-3861-2022
https://doi.org/10.5281/zenodo.7086080
https://doi.org/10.1029/2019gl084397
https://doi.org/10.1109/tgrs.2021.3086412
https://doi.org/10.5194/tc-16-4553-2022
https://doi.org/10.1029/2004GL020670
https://doi.org/10.1109/36.406676
https://doi.org/10.1093/bioinformatics/btx626
http://www.ebook.de/de/product/21470462/a_sihvola_electromagnetic_mixing_formulas_and_applications.html
http://www.ebook.de/de/product/21470462/a_sihvola_electromagnetic_mixing_formulas_and_applications.html
https://doi.org/10.1017/jog.2021.46
https://doi.org/10.1016/j.rse.2009.01.009
https://doi.org/10.1109/TGRS.2006.873182
https://doi.org/10.1109/TGRS.2006.881759
https://doi.org/10.1029/2007GL031199
https://doi.org/10.1007/s11222-008-9104-9
https://doi.org/10.1063/1.1662868


G. Picard et al.: Sensitivity of microwave observations to liquid water 5083

Torinesi, O., Fily, M., and Genthon, C.: Variability and
Trends of the Summer Melt Period of Antarctic Ice
Margins since 1980 from Microwave Sensors, J. Cli-
mate, 16, 1047–1060, https://doi.org/10.1175/1520-
0442(2003)016<1047:VATOTS>2.0.CO;2, 2003b.

Torquato, S. and Kim, J.: Nonlocal Effective Electromag-
netic Wave Characteristics of Composite Media: Be-
yond the Quasistatic Regime, Phys. Rev. X, 11, 021002,
https://doi.org/10.1103/physrevx.11.021002, 2021.

Trusel, L. D., Frey, K. E., Das, S. B., Munneke, P. K., and
van den Broeke, M. R.: Satellite-based estimates of Antarctic
surface meltwater fluxes, Geophys. Res. Lett., 40, 6148–6153,
https://doi.org/10.1002/2013GL058138, 2013.

Ulaby, F. and Long, D.: Microwave Radar and Radiometric
Remote Sensing, The University of Michigan Press, https:
//www.ebook.de/de/product/21836853/fawwaz_ulaby_david_
long_microwave_radar_and_radiometric_remote_sensing.html
(last access: 14 March 2022), 2015.

Van Wessem, J. M., Reijmer, C., Morlighem, M., Mouginot, J.,
Rignot, E., Medley, B., Joughin, I., Wouters, B., Depoorter, M.,
Bamber, J., Lenaerts, J., Berg, W. V. D., Broeke, M. V. D.,
and Meijgaard, E. V.: Improved representation of East Antarctic
surface mass balance in a regional atmospheric climate model,
J. Glaciol., 60, 761–770, https://doi.org/10.3189/2014jog14j051,
2014.

van Wessem, J. M., Steger, C. R., Wever, N., and van den
Broeke, M. R.: An exploratory modelling study of perennial
firn aquifers in the Antarctic Peninsula for the period 1979–
2016, The Cryosphere, 15, 695–714, https://doi.org/10.5194/tc-
15-695-2021, 2021.

Wiesmann, A. and Mätzler, C.: Microwave emission model of lay-
ered snowpacks, Remote Sens. Environ., 70, 307–316, 1999.

Wiesmann, A., Hatzler, C., and Hiltbrunner, D.: Modeling
microwave emission spectra of layered snowpacks, in:
IGARSS '98. Sensing and Managing the Environment.
1998 IEEE International Geoscience and Remote Sens-
ing. Symposium Proceedings. (Cat. No.98CH36174), IEEE,
https://doi.org/10.1109/igarss.1998.691371, 1998.

Wille, J. D., Favier, V., Dufour, A., Gorodetskaya, I. V., Turner,
J., Agosta, C., and Codron, F.: West Antarctic surface melt
triggered by atmospheric rivers, Nat. Geosci., 12, 911–916,
https://doi.org/10.1038/s41561-019-0460-1, 2019.

Wille, J. D., Favier, V., Jourdain, N. C., Kittel, C., Turton, J. V.,
Agosta, C., Gorodetskaya, I. V., Picard, G., Codron, F., Santos,
C. L.-D., Amory, C., Fettweis, X., Blanchet, J., Jomelli, V., and
Berchet, A.: Intense atmospheric rivers can weaken ice shelf sta-
bility at the Antarctic Peninsula, Commun. Earth Environ., 3, 90,
https://doi.org/10.1038/s43247-022-00422-9, 2022.

Zwally, H. J. and Fiegles, S.: Extent and duration of Antarctic sur-
face melting, J. Glaciol., 40, 463–476, 1994.

https://doi.org/10.5194/tc-16-5061-2022 The Cryosphere, 16, 5061–5083, 2022

https://doi.org/10.1175/1520-0442(2003)016<1047:VATOTS>2.0.CO;2
https://doi.org/10.1175/1520-0442(2003)016<1047:VATOTS>2.0.CO;2
https://doi.org/10.1103/physrevx.11.021002
https://doi.org/10.1002/2013GL058138
https://www.ebook.de/de/product/21836853/fawwaz_ulaby_david_long_microwave_radar_and_radiometric_remote_sensing.html
https://www.ebook.de/de/product/21836853/fawwaz_ulaby_david_long_microwave_radar_and_radiometric_remote_sensing.html
https://www.ebook.de/de/product/21836853/fawwaz_ulaby_david_long_microwave_radar_and_radiometric_remote_sensing.html
https://doi.org/10.3189/2014jog14j051
https://doi.org/10.5194/tc-15-695-2021
https://doi.org/10.5194/tc-15-695-2021
https://doi.org/10.1109/igarss.1998.691371
https://doi.org/10.1038/s41561-019-0460-1
https://doi.org/10.1038/s43247-022-00422-9

	Abstract
	Introduction
	Study sites and observations
	Method
	The Snow Microwave Radiative Transfer model
	Wet snow permittivity
	Retrieval of the dry snowpack properties
	Wet snow simulations

	Results
	The dry snowpack – Experiment 0
	Variations with the water content in the surface layer – Experiment 1
	The two microwave emission regimes illustrated at one site
	Intra-pixel variability
	Inter-site variations
	Impact of the permittivity formulation

	Variations with the thickness of the wet snow layer – Experiment 2
	Influence of the depth of the wet snow layer – Experiment 3
	Saturated snow layer (“slush”) and supraglacial lakes – Experiment 4
	The sensitivity of the L band to liquid water

	Discussion and conclusions
	Code and data availability
	Author contributions
	Competing interests
	Disclaimer
	Acknowledgements
	Financial support
	Review statement
	References

